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For my wife Faith …
only with her unceasing belief in me
was this book written.




Preface

For years, I have participated in regular group meetings of private and professional traders. It is always at a nighttime venue because the markets or careers occupy everyone during the daytime hours. No matter what the individual’s skill level or success rate, I see a common trait in all of them. Each person possesses a strong belief that he can be successful at trading, regardless of whether that belief is well founded.

I have also observed a decided shift toward technical analysis and away from fundamental trading. It’s partly because corporations have proven themselves to be unreliable information sources, but also because an abundance of vendors tout overly simplified technical analysis products and services. No matter how you slice it up, traders—professional and private—are led astray by most market services. Certainly, we all deserve better.

I wrote this book to bridge the technical analysis advantage gap between resource-rich institutions and ill-equipped individual traders. The nonutilization of volatility measurement defines this great divide. Programmable technical analysis software is the vehicle that enables the smaller professional and private trader to level the playing field.

As a beginning trader, I marveled at the many technical analysis indicators and techniques that could be applied to the chart. I longed to predict the distinct reversal points that appeared before me every week. As so many classic technical analysis methods and indicators only intermittently displayed success, I began to realize that the market-moving players were armed much differently from the way I was. I decided that on each chart there exists a structure that I could not see, but it was there nonetheless; and I was going to find out how to uncover it.

I have encountered many private traders who rely on options without ever buying or selling the actual underlying stock. These individuals today are more the rule than the exception, and yet technical analysis has left detecting option-spread trades to be largely a guessing game. This has caused many to overly rely solely on Greek values, and the plethora of graphs created to express them, while ignoring basic chart technical analysis. My belief is that volatility-based support and resistance is there to serve all traders. It is ironically the market’s vast preference for options, and thus option-valuation mathematics, that actually propels the effectiveness of Volatility-Based Technical Analysis.




INTENDED AUDIENCE 

This book is intended for those who want technical analysis to adapt to the volatility forces at work in today’s markets. Most traders understand the importance of using methods that are largely unknown to the greater community. If you want to better understand the relatively simple arithmetic volatility measuring techniques, and how to incorporate them into indicators of your own adaptation or design, then you will benefit from this content. There are unobstructed processes, of which most people are capable, that enable today’s programmable technical analysis software to give them an advantage. This book explains the reasons why technical analysis should incorporate volatility measurement in virtually every indicator, component, and algorithm.




WHAT’S INSIDE? 

Part One gives you an understanding of the many obstacles that individual traders must overcome to level the playing field. It carefully lays out why the markets have changed since 2000, and thus produced the need for volatility measurement in all aspects of technical analysis. It also provides some important groundwork material to prepare you for understanding the purpose and usage of volatility analysis.

Part Two explores arithmetic measurements of volatility within exercises that create custom indicators. This is a calculus-free zone; only high school math is used. This section delves into specific techniques for creating indicators. It also focuses on retrofitting classic technical indicators with volatility measurement. Also, the concept of  Projected Implied Volatility (PIV) is introduced.

Part Three continues the process of developing volatility-based technical analysis components, with an emphasis on solving some classic technical analysis weaknesses, such as trend compensation. This section delves deeply into the importance and methods of forecasting the broad market’s short- and intermediate-term direction. Exact trade setups are the focus of Part Three. The concept of Volatility Shift in particular is introduced, along with specific ways to exploit it. Part Three culminates in the practice of using the scientific method to develop trading system components. A simple component testing routine, complete with code, is also explored.

Appendix A duplicates all of this book’s code as TradeStation EasyLanguage code, complete with charts.

Appendix B explores in-depth methods for finding high probability option spread trades: Condors, Butterflies, Strangles, and Straddles. This is done using the MetaSwing system. Where feasible, care is taken to present statistically valid test results.

Appendix C explains the resources available to you at this book’s companion web site, tradingtheinvisible.com.

All of the indicator examples in the book are coded in MetaStock Function Language to show the simplicity of coding, and that most anyone can do it. Over 180 charts are also included in the text, designed to be large and descriptive.

This book also lays out how finding profitable exits, within a set time frame, should be a goal of every trader. Enhancing almost any technical analysis method or calculation with volatility measurement provides the highest probability exit signals. The activity of increasing each trade’s profit, or lessening its loss, has always seemed to be a universal desire of private traders.

Life as a private trader can be a solitary existence in the physical and the informational context. Understanding the broader market’s short-term bias using the volatility of market breadth is perhaps the most underused gift we all receive. And yet so many look right through it every day. In Chapter 13 you will find the algorithms and source code for the MetaSwing Correction Surge system released. It provides an early warning system for the short- and intermediate-term market direction and corrective events. This system kept Northington Trading profitable during the fall market crash of 2008, and for that matter throughout all of 2008. It is a calculation and methodology that any trader can implement and use effectively.

Ultimately, the business of trading depends on your ability to make well-balanced decisions at times when the act of decision making is hardest. In Chapter 6, a methodology called the Framework is presented. When the Framework is adapted to the specifics of your trading methods, great clarity is gained, in that it more clearly identifies the pieces of a method that work or show weakness. Its strength is garnered by the proper use of component cross-verification. The net result is better trading decisions.

 

KIRK NORTHINGTON
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PART ONE

Are You Prepared?

Have you ever had the dream where you are unprepared for the exam? Upon showing up for a class you find out that there is an important exam scheduled for that hour. Not only have you not studied, but strangely you don’t even remember having attended any of the prior lectures. This is a common “dream you can’t forget” according to Gillian Holloway, author of The Complete Dream Book.1

If you trade the markets, I hope you have had this dream many times. Its nickname is “the overachiever’s nightmare,” because it is so common for successful people to experience it. The dream seems to occur most often when an individual assumes “responsibilities that increase what he expects of himself.” It seems to signal to a person the need for accountability, performance, and preparation. Indeed, Part One of this book focuses on the need for all technical traders to adapt and prepare for the increasing role of volatility in the financial markets.

The first three chapters of this book deal heavily with the recognition of how market participants have changed, and the challenges these changes present. It should also open your eyes to your opportunity to transform your methods and prepare yourself. Perhaps it can even help you avoid those embarrassing classroom exam situations.

Chapter 1: The Challenges presents your market competitors and their daunting capabilities. The information in it is quite an eye opener for most private traders; it may even instill a splinter of fear into your psyche. A healthy amount of fear has kept mankind alive since fire was considered high tech.

Chapter 2: The Opportunities introduces the many realistic opportunities that await you, if you can adapt. Each of the specific challenges presented in Chapter 1 are initially countered. You will begin to understand the advantages possible with volatility-based technical analysis.

Chapter 3: The Foundation gives you important information to best use the balance of the book. Important technical analysis tenets are covered, along with a quickstart primer of MetaSwing.




CHAPTER 1

The Challenges

Who wants to walk up to an ATM, put in $10,000, and then take out $11,000? I’m going to go out on a limb here and say we’d all love to do that. In a sense, though, isn’t that what trading is? We buy shares of a stock through a small computer program interface to a brokerage firm. Then flip over to your browser and see what’s going on at the CNN web site. “Hmm,” you wonder, “I can’t wait to buy that new suit I was eyeing yesterday with the money this trade will make.” Later, we sell the shares and walk away with more money in our account than we started with. Doesn’t that feel good?

Of course, we all know better than that. We know that there is a realistic chance that we may only get back $9,000, or less. And that’s not even mentioning that we can’t directly touch this magical ATM, which is the financial markets. There’s a guy standing in front of the ATM, and he’s going to operate the ATM for you. He’s also going to take a small piece of that $10,000, going in and coming out.

So the real question is, “Do most people really know what’s going on inside the magical ATM?”

Before we get to that, though, it’s important to keep in mind that if you actually succeed in taking out $11,000 after you have put in only $10,000, some other poor soul is getting back only $9,000 on his $10,000 deposit. The only way a person makes money in the financial markets is if someone else loses money. This means your task is to take someone else’s money. If this concept bothers you, then maybe active trading is not your brand of coffee. If that’s true, then give your money to a mutual fund manager and let him attempt to grab someone else’s cash. Most beginning traders don’t realize this and your broker—online or flesh and blood—is in no hurry to tell you this, or the rest of what you will read in this chapter.

Trading is a battle, a competition, a game with no second place. If, at the end of the week, you realize that your trading account is $500 lower, there isn’t anyone who’s going to console you or tell you that everything’s going to be okay. That person is busy eating lobster and celebrating the good week he had taking money away from a bunch of poorly  prepared retail traders. That person is an institutional trader with a support staff of quantitative analysts who provide him with high probability strategies and resources.

My intention is not to scare you away from trading. Trading financial markets is a wonderful and often rewarding experience. Indeed, with the well-deserved death of “buy and hold,” and the ever-increasing rise of systemic risk, it’s the best way to get decent returns in the market. Whether making money or losing it, anyone who experiences trading will walk away an improved person. She may be richer or she may be poorer, but she will have improved in some way. She will most definitely understand things about herself she did not know before. Everyone will learn things about the world that they would not have known otherwise.

The purpose of this chapter is to give you an accurate and honest understanding of what any trader is competing with when he puts on a position. You are going to need to understand what’s out there. These are facts that the retail trading industry does not want you to know. There’s an entire industry in place to help you trade and charge you for it. Some of this industry is legitimate and will help you become successful.

Unfortunately, most of these trading industry vendors are more interested in your money than your success. Your online broker spends fortunes on television and print advertising trying to convince you that you can single-handedly achieve your financial goals. All you need to do is open a brokerage account with their company and use their software tools, although their print copy and commercials are sufficiently filled with enough content to legally cover themselves when someone loses his shirt. Incidentally, their software has the same technical indicators that are publicly available on the Internet for free. There are a multitude of software companies that will sell you a technical trading system that claims to ensure that you will rule the markets, with seemingly no risk.

Meanwhile, getting back to reality, here’s what the business actually is, and a very serious business it is. It’s the ultimate game of mind versus minds. You’re not up against one MIT graduate; you are competing with thousands of them. You can’t see the other minds you are up against. You don’t know who they are or what they look like. At least when a fighter steps into the ring, he’s entitled to a good look at his opponent.

So before we dive into the enlightening world of volatility-based technical analysis, let’s understand the most important challenges you face. The pages that follow will briefly discuss some very eye-opening truths about the markets, which you will likely find both fascinating and disturbing. Use the sections that follow to better understand what awaits you when you step into the trading pits, and keep in mind that there is a specific solution for each of these challenges. I identify the solutions in Chapter 2, and explore them in the body of this book.




THE BRAIN POWER 

Today all traders, and that includes you, are competing with the best and the brightest minds that the world has to offer.



Perform an Internet search and look at a job advertisement for a trading development analyst at a large institutional trading firm. The job qualifications and educational requirements are lengthy. Every type of quantitative and financial modeling methodology imaginable is housed within these firms. Many of these firms have mathematical talent in-house that could rival NASA when the United States won the space race.

Large hedge funds, mutual funds, and investment banks are staffed with incredibly bright, well-educated, and highly paid individuals. These are typically quantitative analysts and computer programmers with an aptitude for finding a single needle in five hundred haystacks. Suffice it to say these people are not paid to play with trend lines and Fibonacci grids. They use advanced quantitative methods to find inefficiencies in the markets, and develop trading strategies to capture them. They have access to the finest software programs and enormous computing power. They work with ultra-highspeed data that go way beyond high-low-open-close and volume. Market declines and financial industry layoffs have not reduced the effects of these individuals. Periods of ultra-high market volatility conveniently provide data, which enable them to more finely hone program trading algorithms.

Here are a couple of sample job requirements for the talent behind the trading strategies that are created inside the institutional firms with which all traders are competing:

Senior Quantitative Analyst—Salary/Rate: 300K+

Essential skills, experience, and qualifications:• Two to four years of relevant quantitative research, or trading experience.
• PhD or equivalent degree in Math, Financial Mathematics, Physics, Engineering, or Computer Science.
• Very strong analytical, mathematical, and problem solving capabilities.
• Excellence in probability theory, stochastic processes, statistics, partial differential equations, and numerical analysis.



Experience in any of the following:• Interest rate derivatives modeling.
• FOREX modeling.
• Credit derivatives modeling.
• Commodity modeling and research.
• Grasp of PDEs and Monte Carlo.
• Very good understanding of quantitative models for pricing and hedging derivatives.
• Outstanding C/C++ programming skills.



Statistical Arbitrage Quantitative Analyst / $120K+

New York, United Kingdom

Quantitative Analyst with sound skills in statistical arbitrage needed Requirements: • Honors degree followed by a post-doctorate degree in mathematics, finance, statistics, or similar.
• Knowledge of SAS or other statistical packages.
• C++/MATLAB and VBA along with strong quantitative skills.
• Experience in implementation of quantitative trading systems.
• Experience in high frequency algorithmic trading, P&L, and various other quantitative tasks.




Do you think you’re smart now? That increase in sales you achieved last year at your job was a pretty good feat. The way you opened that new location in an up-and-coming part of town before your competitor did was a real accomplishment. The promotion you received this year was a genuine triumph over your peers. Now imagine what you could have done if you had had at your disposal a team of rocket scientists such as those just described. Just as important, suppose your competitors had access to that team of geniuses last year and you did not. Would you still have that promotion, sales increase, or competitive advantage?

Here’s the question that is just screaming for an answer: Does anyone think an institutional trading firm would spend a couple of million dollars annually paying a team of Ph.D. graduates to perform technical analysis using publicly available technical indicators?

It’s almost comical to imagine a room full of MIT graduates staring at computer screens, drawing trend lines and Fibonacci grids, and sending buy recommendations to the traders based on a stochastic oversold indicator. It’s like something out a Far Side comic frame.




THE HORSE POWER 

Institutional market participants with deep pockets have a technological infrastructure advantage.


Try to buy some of the advanced analytical software and data feeds that institutional trading firms use. You would not be able to justify the cost because you’re not in the club: the billion-dollar institutional investment business. You don’t manage a three-billion dollar fund. I believe you have just as much right, however, to eat steak in first class as the club members do. You will be able to see how in the chapters to come.

Inside these institutional firms real-time super computer systems run 24/7, monitoring price and volume movements, implied volatility levels, trading pairs and correlations, foreign exchange rates, right down to the tick, on every tradable financial security and instrument. The software they are executing is created by the sum of the mathematical brainpower of the most amazingly sharp minds in the entire world. As has been shown, these minds are highly paid; nothing less than six figures!

Vendors such as Thomson Reuters provide international market data feeds that propagate data into high speed databases that drive programmed trading execution. For  example, their FasTick analytics suite can capture, sort, and archive 100,000 tick transactions per second in real time. These data are then used instantaneously by quantitative trading algorithms. This same vendor connects the institutional client directly to the trading exchange by T3 communication lines for automated order execution. This is a process that measures its end-to-end performance in milliseconds.

All captured tick data are routinely used to adapt and update the algorithmic trading models as markets change. For instance, the seamless integration of these tick databases with the MathWorks MATLAB application enables the quantitative analyst to model accumulation and distribution strategies quickly. The strategies are then executed by automated algorithms over increasingly shorter periods of time; days instead of weeks. This is largely responsible for the erosion of chart pattern effectiveness. These strategies are preempting their formation behavior, and post-formation behavior through recognition of the opportunities in advance of most market participants. Price action that previously signaled demand is vanishing because of arbitrage strategies and hyper-efficient programmed trading.

Do you like to trade news releases? You might want to think again. Thomson Reuters and Bloomberg offer high speed news feeds. Everyone knows that, but did you know this: Thomson Reuters, for instance, offers a software product called NewScope, which reformats the electronic news document with meta tags, which are codes that a computer program understands. It processes the document in less than 300 milliseconds; that’s one third of a second.

The meta tags mark and specifically classify the pertinent facts and figures in the document so that an automated trading program can quantify that new story’s effect on specific asset classes. Targeted securities are then bought or sold in real time, based on the algorithm’s logic. These trading algorithms are created by those bright MIT-LEVEL graduates discussed in the previous section. This automated trading of news events happens without human intervention. Using this methodology, trades in response to news events are routinely executed within one to three seconds. Before the private trader even thinks about the news event, bid and ask spreads on actionable securities are widened and price has begun to move. By the time the individual trader is buying in response to the news event, the automated algorithm is selling and booking profit.

This is computer logic that never sleeps, does not go on vacation, and is not subject to fear, greed, or other emotions. It has access to data that aggressive individual traders can often only dream of. Don’t make the mistake of trying to beat it at its own game. A butter knife will not help you much in a gun fight.




OPTIONS AND VaR ASCENDANCY 

Current technical analysis leaves the individual and private trader ill-prepared to participate in today’s markets because it does not adequately utilize volatility measurement.



Are you basing your technical analysis methods on the correct underlying dynamics? Or, more importantly perhaps, the question should be, why is such intense talent needed in-house at large institutional firms? These two questions are linked in a most important way. The answer to them both is simple yet subtle. Trading has changed, but no one bothered to tell the private trader-investor about it.

Trading is no longer just buying and selling of stocks. Today, the major influencers of stock prices are options trading, and the effects of Value-at-Risk (VaR) on modern portfolio theory. We look at options trading first. A careful historical examination of this volume and type of trading brings to light the forces causing this underlying market-moving shift.

Figures 1.1 and 1.2 together illustrate the tale of the equity trading metamorphosis. Here are the underlying causes for this dramatic fundamental market change:• Although options have been traded since the early 1970s, the markets in recent years are experiencing a large divergence in the volume of options trading relative to direct buying and selling of stocks.
• Figure 1.1 shows that the Dow Jones Industrial Average has achieved significant price gains between 2002 and 2007. Its actual equity trading volume, however, has remained flat year over year. Taken alone, this is an illogical divergence.
• By contrast, Figure 1.2 shows clearly that between 2002 and 2007 the U.S. total equity options contract volume has increased by almost 200 percent.
• These data imply clearly that larger market-moving institutional players are executing their strategies with a heavier reliance on options than on direct equity trading. Option valuation is now a primary underlying influence of supply and demand in equity trading. Note that not all stock indexes show as dramatic a change in equity trading volume as the Dow Jones Industrial Average does. However, it is clear that indexes more heavily comprised of option capable stocks reflect this trend most.



This incredible shift to options trading has been largely attributed to the rise in the number of hedge funds, since, not coincidentally, the year 2000. The amount of assets under management at hedge funds grew from $300 billion in the year 2002 to more than $2 trillion in 2007.1 An increased reliance on leverage, and the use of complex hedging strategies, have caused options to be the market’s primary instrument of choice.

The reason all this is important is that options pricing and valuation is based on volatility. Determining the probability of what a stock’s price may reach, higher or lower, within an ever-decreasing time window is almost entirely based on volatility. Of even greater importance is that technical analysis as it exists today rarely uses volatility in its algorithms. Rather, current technical analysis commonly available to retail traders is based on calculations of linear price movements and two-dimensional data. It depends heavily on chart pattern analysis and fixed pricing levels of support and resistance. In short, classic technical analysis delivers what the eye can see on the chart, while what is needed is only that which the microprocessor can see.

Dow Jones Industrial Average vs. Trading Volume

FIGURE 1.1 In the first decade of the twentieth century, the Dow Jones Industrial Average achieved significant price gains, while direct trading of its individual equity components experienced negative volume growth.

Data source: Reuters QuoteCenter.
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Total Equity Options Contract Volume

FIGURE 1.2 By contrast, total equity options trading has increased by almost 200 percent since the year 2002.

Data source: Chicago Board Options Exchange, 2007 Market Statistics Report.
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The other massive influence of volatility on stock price movement is the current use of Value-at-Risk (VaR) modeling on modern portfolio theory (MPT). Most stock is owned by large institutions: mutual funds, hedge funds, endowments, sovereign wealth funds, and so forth. These organizations balance and diversify their stock portfolios based on VaR calculations. VaR, first developed by J. P. Morgan in 1994, is primarily a risk-modeling methodology based primarily on, you guessed it, volatility. It therefore forces volatility measurement to be a primary driver of the institutional accumulation and distribution of specific equities.

Volatility in the world of finance is usually expressed as the standard deviation of the change in value of a financial instrument with a specific time horizon. Its largest use is that of option premium pricing and quantification of risk. Volatility in its two distinctly different forms, historical and implied, are the primary inputs for determining a stock option’s premium price. Simply put, volatility measurement is the key input that determines equity valuation, through the underlying stock’s option pricing. The subject of volatility is quite deep and is one of the most misunderstood financial measurements.

Here’s the answer, though, to why there is the need for expensive rocket science talent at large institutional trading firms, mutual funds, investment banks, and hedge funds. Volatility analysis requires the higher use of mathematics. Only quantitative mathematicians can really work in-depth with it, and to its highest degree.

In the chapters to come you will learn ways that the private trader, without advanced degrees, can work with and analyze stock volatility using today’s programmable technical analysis software. There are other methods to measure it that don’t require quantitative mathematics. It’s one of the most important disciplines that will make you successful. Once you become an opportunist of volatility measurement, instead of a casualty of it, you will be able to see and capture market inefficiencies that were previously invisible to you.

Here is a sneak peak at how you can have volatility-based technical analysis work for you. Figure 1.3 shows us a weekly chart of Cephalon Incorporated (CEPH). The chart time span is 2007 to 2008, which was a very difficult and volatile market environment. The upper and lower trading bands are based purely on volatility measurement. Their peaks and troughs project forward key levels of support and resistance, which are shown on the chart as dashed horizontal lines. You will learn more about these technical components in the chapters to come.

The circled areas on the chart show how these volatility-based levels of support and resistance were instrumental in causing price to reverse or pause. The lines are usually determined weeks in advance and exist in most time frames. The foreknowledge of these support and resistance levels, and the best practices of their use, can be a vital part of the edge that you need to overcome the challenges faced by individual traders. This is a clear advantage of volatility-based technical analysis.




RAIN CLOUDS OR URINE? 

The individual retail trader is largely unprepared to trade, but is swayed to believe just the opposite by an industry that seeks mostly the contents of the trader’s wallet.



FIGURE 1.3 This weekly chart of Cephalon Incorporated (CEPH) shows how the foreknowledge of volatility-based support and resistance can give the individual trader an advantage.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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As Judge Judy Sheindlin is fond of saying, “Don’t pee on my leg and tell me it’s raining.” And that brings us to the fourth challenge that aspiring traders face today. According to an entire business sector of retail brokerage firms and software products, cool-looking technical indicators are all you, the retail trader, need to garnish dramatic returns in the stock market. The television commercials that bombard us are outrageous with oversimplification.

If you have recently entered the trading arena, you have no doubt read articles in today’s trading periodicals that discuss the usage of indicators to achieve success. Many people are fascinated by looking at oscillators of all types, chart patterns, moving average strategies, Elliott waves, and multiple intersecting trend lines. “Surely,” their intellect reasons, “I’ve found the way to buy low and sell high.”

That would be an incorrect conclusion. In truth, they have found one of the keys to buying low and selling high 15 years ago; but not today. To be clear on this point, though, it is vital to understand the discipline of technical analysis, both past and present. The  volatility-based technical analysis that can make it possible for you to be a profitable trader today is not all that different from so many great forms of classic technical analysis used in the past. Therefore, a thorough grasp of it can be important.

Do you ever wonder why the traditional methods of chart pattern trading are experiencing reduced effectiveness? Simple breakout methods that made many wealthy in the 1990s do not render the same performance, largely due to programmed trading. Every known and unknown chart pattern and technical indicator that we have all been taught to use is recognized immediately by the microprocessor.

When most traders and institutions can see the same trade setup, the past predictable outcome of that strategy is rendered ineffective by arbitrage. This is readily evident when consistent reading of today’s technical analysis magazines reveals one after another classic setup and pattern trading strategy now produces statistically insignificant trading performance; virtually random results. Furthermore, these still currently promoted trading methods produce inferior results when compared to a buy-and-hold baseline.2

Here’s the bottom line on this dilemma. As a retail trader, there is no end to the number of services and products that all communicate to you that you are well prepared to take on the financial markets. The only hitch is that you must pay them money for their information, software, stock picking advisory service, training and coaching services, black box system, or some other type of secret weapon. Then, if that’s not enough, they then tell the hopeful trading neophyte to “Trade with confidence!” An entire industry wants you to believe that trading profits can be purchased. This is simply just not true. Trading profits can’t be bought.

Profits can only be attained when you learn to trade within a viable system framework. Successful technical trading components and methods can only come to you in two ways:1. The first is your ability to trade in your own original way, using volatility-based methods and setups that you create, with no one else privy to them. To achieve this, you must learn to think in unconventional ways when looking at the stock chart.
2. License volatility-based algorithms from a credible source, which limits their use and thereby their exposure to the markets.





NEWS FOLLY 

An abundance of news media today feeds the private investor-trader an endless stream of inaccurate corporate news bits, convinces her that it’s true, and then convinces her that it is actionable.


How about the other road: the one most traveled? Trading based on accurate fundamental information is the purview of the insider. Current laws and accounting practices allow publicly traded companies to do everything but tell the truth. C-level executives  at today’s publicly traded companies are under enormous pressure to show positive results every quarter. These corporate leaders are obscenely motivated by stock option incentives. As sure as they are human beings, and thus subject to temptation, the truth will be stretched or fall victim to spin.

One or two financial quarters later, that previous white lie has to be stretched even further; at this point it’s based on fiction. Most often, the ugly truth ends up coming out as a complete surprise to analysts and financial commentators in the media. This is why stock prices drop so much faster than they rise. It’s the “Oh, crap!” factor.

Picking stocks the old-fashioned way may seem possible, but the reality is that Warren Buffett has access to much more inside information about a company in which he invests than you could find out in 20 years. Nevertheless, the financial markets are filled with individual traders who will try to emulate the methods of market barons with only the information they hear on CNBC or read in the Wall Street Journal. Here’s a good rule of thumb: If you think you know some valuable piece of inside information, but trading on it is not enough to land you in prison, then the information is almost certainly insignificant or too old.

One very popular news source promises its subscribers the advantage of knowing if a stock is being accumulated or distributed by mutual funds. In truth, the source of the information comes from SEC filings, which are three to nine months old. By the time the subscribers see these numbers, the mutual funds are scaling out of their positions. It’s hard to tell which party benefits more, the service that sells the subscriptions, or the mutual funds that are easily able to take profits because the subscription service helped make a market for the stocks they are selling. People eat this stuff up without question. A good way to look at this is that it’s okay; the mistakes of others are where some of your future profits will come from.




EYES ON THE GOAL 

If you’ve gotten to this point and you still want to pursue trading, then congratulations—you don’t scare easily. While your market opponents and their capabilities appear daunting, as an individual trader you actually have some significant advantages on your side. A more level playing field can be attained by embedding volatility measurement into core technical analysis methodology. This makes it possible for your trading talents to be much more effective when you choose the right opportunities.

The great Henry Ford once said that “Obstacles are those scary things you see when you take your eyes off your goal.” It’s important to be completely aware of your market competitor’s strengths. But if you focus only on those very scary strengths, then you won’t know how to beat him. It is therefore equally as important to understand his weaknesses, and your advantages.

Imagine yourself as a speedboat pilot. You are fast and agile. You can enter a trade and exit it all within a minute. A professional money manager at a mutual fund is the equivalent of a freighter captain. The adage that “big ships make slow turns” is seldom  more applicable than in large fund portfolio management. It’s not able to respond to the market nearly as quickly as you can. It can sometimes take weeks for a large fund to scale out a position.

The opportunities that a retail trader can exploit in today’s markets are numerous. There are almost limitless inefficiencies available once you approach trading with the right thought processes. Also virtually all of the components and methods I will discuss apply to futures and FOREX trading. The best news of all is that you only have to create and master one or two unique methods. The next chapter discusses the spectrum of opportunities available for the private trader.




CHAPTER 2

The Opportunities

Mountaineering is the art, sport, science, and hobby of climbing mountains. Those who do it see much more than a mountain; they see a classifiable intricate series of objective and subjective hazards that can be dealt with safely. We who choose to avoid climbing the heights see the potential for a tragic fall accompanied by a slow and painful death. We see this because the central image that comes to mind is of ourselves falling. The skilled mountaineer is actually more concerned with pieces of the mountain falling on him. As you can see, there exists a very different point of view between mountaineers and nonmountaineers.

The vast majority of the investing and trading community equates volatility to risk. And by default, risk is synonymous with loss and fear. A central premise of Modern Portfolio Theory (MPT) is to diversify a portfolio using volatility measurement for the purpose of reducing risk. Value-at-Risk (VaR), a measure of portfolio risk, uses correlations of volatility. Active traders use a stock’s volatility measurement to gauge their risk vis-à-vis position sizing and stop-loss levels. As you can see in the world of finance, the word volatility has gotten a bum rap. So many people associate it with the concept of bad.

Just as with mountain climbing, however, everything depends on your point of view. Volatility is an opportunity if you know how to use it. In fact, I would even say that the real risk exists when one does not decide to use volatility as an opportunity.

The smart analyst will change her viewpoint and belief system with that opportunity in mind. Your viewpoint must be up close and personal. This involves getting inside the grade school arithmetic of volatility measurement. If you can be on intimate terms with the math inside your personal indicators, then right out of the starting blocks you have an advantage over most other traders. It’s in the math!

As for the proper belief system, it should be summed up in the following statement:

Money is to be made at the extremes.


That is your belief system. It represents the correct approach for turning volatility from a risk into a profit vehicle. In the pages that follow I briefly highlight some of the realistic advantages gained by making volatility a friend. I also believe that you will be able to see how to make these advantages your own by bonding them with your existing strengths.




CHOOSE YOUR BATTLES 

The first two large challenges presented in Chapter 1 dealt with the premise that the market is dominated by large institutional firms. They have tremendous assets in the form of highly talented quantitative analysts. They also use incredibly powerful computing platforms and software, which are fed by seemingly infinite streaming financial data. With all of these resources, they are able execute arbitrage, event, and accumulation and distribution strategies at incredible speeds. How do individual traders compete with them?

The answer is simple: Don’t.

In 1941, the U.S. military capability was much smaller than that of Japan. After the Pearl Harbor attack, the Pacific fleet was crippled. Within a few years, however, the United States was able to defeat the Japanese, all the while it was fighting a major war in the European theater. In the Pacific theatre of operations, it was able to achieve an advantage with the strategy of island hopping. In essence, it chose to engage the enemy only on strategically important islands that were poorly defended. The islands on which the enemy was heavily fortified were simply bypassed and ultimately cut off from their supply lines.

A private trader can’t make a decision and click a mouse fast enough to outperform a well-honed quantitative trading algorithm. It is therefore foolish to even try. Concentrate your efforts in areas where you have the advantage.

Yes, the larger industry players have more expensive toys. They receive information faster. They may even have information that they shouldn’t have; but that’s just how the world works. Corporations filling quarterly results can distort the truth and delay bad news, or in some cases, just plain lie.

The one thing that no industry player yet can hide or lie about is the price of a security, and when those prices change. Volatility is the measurement of price change over time. Accurate volatility measurement, therefore, is something you can count on; and indeed is the equalizer. Your advantages will originate from methods of using volatility measurements. They will become clearer as you read the rest of this chapter. Therefore consider your first advantage as:

You can choose to trade only when and where the odds are in your favor.






TAKE THE OFFENSIVE 

The third challenge presented in Chapter 1 states that classic technical analysis provides individual traders with methods that are declining in effectiveness because of a lack of volatility-sensing methods. While this is true, it is not a condition that you must accept. Indeed, this is the point at which to shout “Enough! I’m not going to stand for the status quo any longer.” Or if that feels corny, then just think it loudly.

It’s now time to use the great enabler for individual traders. Programmable technical analysis software is the key to creating your own opportunities. With it, you have the ability to redefine the data that you see. You can use it to see clearly that which is normally invisible to the vast majority of private and retail traders, but is visible to many professionals.

The great enabler I’m referring to is commercially available software products that perform technical chart analysis, and provide the user the ability to write custom formulas and algorithms in an underlying programming interface. There are many proven products to choose from. This book uses MetaStock by Thomson Reuters, and TradeStation by TradeStation Securities. Both are very powerful, each with unique strengths.

The opportunities available to you in the markets exist as somewhat of a niche. While they do exist, the greatest are those that you create, and that’s the best mental approach to take as well. It is a creative process, which is how the programmable aspect of technical analysis software comes into play. This creative process is what this book is really about. Leveraging the capabilities of programmable technical analysis software gives you the next major opportunity, which is:

You can trade better than other private traders, and smaller professional firms that do not use volatility-sensing calculations and algorithms while being on par with large institutional firms that do.



Redraw the Playing Field 

From the perspective of the individual trader, the market data that vendors offer can seem vast and descriptive. It isn’t always enough, though, to help you gain the edge. Hedge funds certainly don’t think so. They are free to trade anything that’s legal in any way they choose to do so. Making the most of that type of freedom requires that they exercise flexibility. To find the right opportunities they get very creative. You should, too. This describes in general one of the important opportunities available to you:

Create your own capability to view market inefficiencies that are usually invisible to others.


Let’s take a look at an example of how you can exercise some of your own vision. One great way is use a composite security. This function joins together two or more stocks into a single security. There are many benefits to doing this.

FIGURE 2.1 This composite chart of Nvidia Corporation (NVDA) and Cirrus Logic (CRUS) provides a clear and timely long trade setup due to the inherent compatibility of volatility measurement and positive correlation.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Figure 2.1 shows a daily chart of a composite security. The security was created by combining Nvidia Corporation (NVDA) and Cirrus Logic (CRUS) on an equally weighted basis. All values in the time series, therefore, were produced by simple summation. The circled area in the chart shows a typical long trade entry, as denoted by the upward pointing arrows. It is very clear, because the signal comes at an appropriate level of support. The signal is also well timed because it first appears on December 9, 2004, which is not a day early or late. The date is notated with a vertical dashed line.

By contrast, examine Figure 2.2. Here we see the daily charts of Nvidia Corporation (NVDA) and Cirrus Logic (CRUS) presented individually. These are the two stocks that actually compose the composite security shown in Figure 1.1. Again, the trade signals in December are circled. Notice that neither of these present crystal clear long entry signals. Cirrus Logic triggers two days early, and prior to support being reached. Nvidia Corporation never actually reaches support. Both seem, therefore, to be somewhat nebulous opportunities.

FIGURE 2.2 These two separate charts of Cirrus Logic (CRUS) and Nvidia Corporation (NVDA) each contain far less clarity than their composite chart.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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By redefining the data, a good trade is identified with the NVDA-CRUS composite security. Depending on your time frame, it produced an 8 percent swing trade, or a great trend entry spot for a position trade. To trade it, just buy equal dollar amounts of each, and manage the trade on the basis of the composite chart. If you were only looking at each stock chart independently, you probably would not have taken the trade. So why does this work well?

The success of this method is built on two technical measurements: volatility and correlation. The two stocks were chosen for the composite because they are in very similar businesses. They are in the same sector, but that’s not always enough. Sectors are often populated with extremely disparate stocks. When a 20-period correlation analysis is run on these two securities, it is easy to see that they correlate very positively. Incidentally, correlation is a volatility-related mathematical measurement.

Beyond the effects of correlation, though, why is the signal so clear on the composite chart? All of these charts were made using MetaSwing, which is a purely volatility-based technical analysis system. You will learn more about that system in Chapter 3. The signal  is clearer because a correlated composite volatility signature contains less chart noise. It enables higher clarity when measuring:• Overbought and oversold levels.
• Support and resistance levels.
• Hidden momentum.



That’s why this trade works so well. Incidentally, classic technical analysis methods would recommend reducing chart noise by applying moving averages to effect dampening. The downside of that is to introduce lag into the analysis, and thus enter the trade late. Volatility-based measurements do not have the side effects of lagging signals. Instead, they make chart analysis much more structured, timely, and clear, as is shown in Figure 2.1.

This example illustrates a creative use of programmable technical analysis software. If you apply a little of your own ingenuity and research, you can add clarity to trading opportunities that are still blurry to others. In all likelihood, you have in the past seen opportunities that stimulated your curiosity. Combining software tools with exterior-box thinking will lead you to your own personal trading methods.


Simple Volatility Measurement 

Chapters 4, 5, and 6 will help you understand volatility measurement from the inside out. Measuring price momentum with volatility, in lieu of differences, lies at the heart of highly effective technical analysis methods. Because it isn’t inherently complex, it represents a great opportunity to improve your trading. The benefit of this is that you are then working with similar technical analysis methods to those of larger institutions.

The good news is that calculus need not be involved. It can all be accomplished with simple arithmetic and basic algebra. This means that virtually anyone is capable creating his own analysis components. Because you have control over your own indicator development, you can customize it for the specific sector, market, or commodity you trade.

Adaptive indicator design is used in Chapters 4, 5, and 7. This is the process of using the algorithm structure of a classic technical indicator and adapting it with volatility measurement. It’s like performing indicator surgery. There exists a vast library of technical indicators published over many years by many talented market technicians.

In Chapter 7, there is an application of this practice with the relative strength index (RSI). In it, we transplant volatility sensing into the original RSI calculation. Its effectiveness was greatly improved by doing so. In Chapter 7, Table 7.1 shows how its performance changed from net negative to net positive.


Avoid Systemic Risk 

With the advent of technology and globalization, the financial markets have become vastly more efficient than in previous decades. Theoretically, these advancements should produce markets with less underlying risk. Unfortunately, this hasn’t been the case. The  crash of 1987, the Long-Term Capital Management meltdown, and the financial crisis of 2008 are all testaments that point to an opposite truth. It appears that as we create more efficient financial networks and products, we also add to their complexity and potential for damage.1

It’s no longer enough to be able to time the market and be on the right side of it, although that is as important as ever. Severe damage to equity and commodity positions can happen quickly. Routine countertrend corrections are becoming more severe because of these systemic risks. You now have the opportunity to:

Have a broad market early warning system.


We discuss in Chapter 13 the logic and rationale for just such a system. The actual system algorithm and MetaSwing code are released for the first time. Chapter 13 shows you just how to use market breadth to avoid hurtful or severe losses. Market breadth represents one of the most underused advantages that private traders have.

We see in Figure 2.3 an example of the MetaSwing Correction and Surge system on a daily chart of the S&P 500 Index during the market crash of 2008. The MetaSwing Total Correction events are denoted by large skull and crossbones symbols above the day’s price candle. The Correction signals are most predictive when they are the first to occur within a few weeks. The three most significant signals are circled and notated with vertical dashed lines.

As you can see, these Correction signals warn the trader to go flat, or to short the market. This time, which was such a gut-wrenching period of loss for many, was a money-making time for those that used this system. Needless to say, Chapter 13 of this book represents an outstanding opportunity for you.


Hidden Momentum 

If you have participated in the markets for any time at all, you know how important it is to ride a trend. In fact, identifying and profiting from the trend is really a central purpose of technical analysis.2 A nice upwardly sloping stock chart, printing higher highs and higher lows, is a beautiful thing because of the momentum it contains. Picture-perfect trends aren’t always available, however.

Momentum exits in other forms, though. The best type is when it is invisible to the naked eye. This limits the number of traders that see it in advance, which in turn provides a window of opportunity. This is where rising and falling levels of option-implied volatility come into play.

You will learn in Chapter 11 about another great opportunity, which is:

You can uncover hidden momentum with volatility shift.


A valuable aspect of volatility shift is that a trend need not be present. This method provides directional intelligence indicating that the recent trading range will change to a different level.

FIGURE 2.3 This chart of the S&P 500 Index shows the MetaSwing Correction and Surge system in action during the market crash of 2008.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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You can in Figure 2.4 see two daily MetaSwing chart examples of volatility shift in action. The chart at left shows a long entry trade for Digi International (DGII). The chart at right gives us a short trade instance with Advanced Micro Devices (AMD). The circled area in each chart denotes the basic high slope signal. The rectangle shows the new trading range that forms as a result of the underlying hidden momentum. Each chart is shown with longer time spans at this book’s companion site, www.tradingtheinvisible.com You can find it on the page for the Chapter 2 supplemental content. You may find a wider view very interesting.

By measuring historical and implied volatility you are working with primary market moving forces. This is why volatility shift works well. It provides a major opportunity for you to identify momentum where others see none. The tools to accomplish this are within your grasp.

FIGURE 2.4 This dual example of Digi International (DGII) and Advanced Micro Devices (AMD) shows how the opportunity of identifying hidden momentum with volatility shift creates successful trades.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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True Overbought and Oversold 

A known deficiency in the overbought and oversold oscillators of classic technical analysis is their inability to work reliably during trending markets. Provided you know whether you are currently in a trading range or a trend, that isn’t a problem. That knowledge, however, is often unclear.

Suppose your indicators worked well in trending and nontrending environments? This is a major advantage of inducing volatility into overbought and oversold measurement. I define it as the difference between an oversold condition and a true oversold condition.

The example in Figure 2.5 shows us a daily chart of Cendant Corporation during a trend rally. In the lower indicator pane a stochastic indicator is plotted. In the middle indicator pane the TTI Composite indicator is plotted. The circles represent correct readings. The rectangles represent false readings. The TTI Composite is a volatility-based  overbought and oversold component and is constructed in Part 2 of this book. You will be able to see what makes it different from the inside out.

FIGURE 2.5 This chart of Cendant Corporation (CD) shows the accuracy improvement that volatility measurement can produce in overbought and oversold indicators during a trending market.

Chart created in MetaStock.
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As with any chart example, what you see in Figure 2.5 is anecdotal. It is, however, representative of the opportunity that volatility measurement creates with respect to indicators. And this opportunity is yours.

There are two key indicator advantages possible by incorporating volatility measurement: Accuracy and Trend compensation.


When an indicator signals an extreme reading, is it right or is it wrong? You should be able to trust what your indicators tell you. In the world of trading, the most profitable decisions are usually made at difficult times. The accuracy of a true signal is what matters most at the point of inflection.

In Figure 2.3, the stochastic oscillator is at an inherent disadvantage because the trading direction is not range bound. At any given time, however, when you are staring forward into the abyss that is the future, how can you be sure if you are currently in a trading range or a trend? Creating or using technical components that are trend compensated can be a great advantage.

 FIGURE 2.6 For many traders, well-timed exits are the key to net sum profitability. Adaptive volatility is the key.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Exit on Cue 

The reality about exiting a closing position is that any profit left on the table, within the appropriate time frame, is the same as a loss. It isn’t enough to simply close the trade with a profit. Exits, therefore, are more important than almost any other aspect of your analysis. Trading is a net sum business and you’ve got to grab it all when the trade is a winner.

There are several effective methods for exiting, all covered in Chapter 12. One of them is shown here in Figure 2.6. The small Exit symbols shown above the price candles are for closing a long position; those below are to close a short position. Automated  entry and exit systems are never 100 percent correct. I promise not insult your intelligence in this book by showing you only perfect examples.

In Figure 2.6, the Exit signals are generated by relative volatility levels. These are tuned for a 2-day to 10-day swing trade duration. Taken alone, most of them work. However, when cross-verified with other technical volatility measurements, some can be ignored, while the accuracy of those remaining can be startling. Figure 2.6 is a good illustration of this. The generic algorithm that produces this type of exit signal is presented in Chapter 12. Once you understand the algorithm, it is simple to interpret the signals.

When combined with volatility-based support and resistance, the art of the exit becomes quite clear. Once you begin to improve profit-taking through efficient exit methods, your trading business will become much more lucrative. This leads us to the next great opportunity that volatility-based technical analysis can provide for you.

You can improve your exits enough to cancel out a significant percentage of your losses, and thus greatly improve your bottom line profit.





PREPARE AND PERFORM 

The fourth of the challenges that afflict the individual trader-investor is that she is unqualified for the markets, but is persuaded to believe otherwise. This is true because the financial markets are not like ski resorts; there are no bunny slopes. A financial market is a professional’s arena only. If you step into it you assume the responsibility of competing with professionals, at their level of expertise. The barriers to entry for a private trading business are very low. The unprepared frequently wander into it, consequently, only to experience failure. This doesn’t have to happen.

The ability to project the broad market direction, within your trading time frame, will prepare you to perform better than many professionals. A process for it is covered at length in Chapter 8. This ability is essential for trading success.

Developing your own trading methods will reap many benefits that you probably haven’t thought of. In Chapter 6, we carefully examine the process of decision making within a volatility-based framework. Through proper cross-verification, you can learn to objectively focus on probabilities rather than emotion. Developing your trading components and methods within a procedural scientific method is the subject of Chapter 14. By defining a development process in simple terms, almost anyone can accomplish it.


Broad Market Direction 

Why do we trade securities at all? Because we think that we can predict the future direction of a security’s price, and by default we will garner a profit. Individuals get this wrong more often than they get it right.

In a study of 10,000 randomly selected discount broker accounts, 49,948 stock purchases and 47,535 stock sales were analyzed for profitability, over a six-year period.3  The study showed that the individual trader tended to sell winning positions too quickly while holding on to losing trades too long. Individuals could obviously stand to improve somewhat. In my opinion, a study of this magnitude points directly to the private trader’s inability to forecast short-term and intermediate-term broad market direction.

Operating in sync with the broad market’s direction and swings is the single most important analysis objective that exists for the trader. We explore in Chapter 8 a simple system for anticipating the short- and intermediate-term market swings. With it, you will be better able to accomplish the most important opportunity you have, which is this:

Reduce your trading capital’s exposure to the market by knowing three things: (1) when to trade, (2) when to be flat, and (3) which side of the market to be on.


Stop making money and then giving it back because the broad market moved against you unexpectedly. This means trading less, but trading when it counts. It is the best preparation you can undergo before entering the market. Chapter 8 shows you how to do this. The most important pieces of MetaStock code for this are included in different chapters of this book.


A Structured Approach 

Pablo Picasso said that “Computers are useless. They can only give you answers.” Here was a guy who knew about creativity. I think he meant that answers are of little use to us unless we first have a desire to know something specific. To find out some piece of knowledge, the question about it must be asked. If you don’t first formulate the interrogative, what good will you be able to make of the information? It is our desire to know and understand, consequently, that drives our creativity and what we accomplish with its fruit.

Creating technical analysis methods is no different. Certainly it is not easy, but it is possible. The key to turning possible into probable usually lies in approach and motivation. As for motivation I suggest money, in the form of trading profits. I offer a cheat sheet so that you may have the right approach.

The Framework is presented in Chapter 6. This is a definable and flexible methodology that identifies the specific classifications of indicators needed with which to trade. It fits on one page and guides your decision-making. Studying this framework design, and working within it, will keep you on track to creating your own components and methods. It’s like a template, and you fill the blank spaces with tools for the appropriate tasks. You’ll learn more about components and methods later in Parts 2 and 3 of this book.


The Scientific Method 

If the Framework shows you what to build, then a correct application of the scientific method can show you how to build it. We lay out in Chapter 14 the creative development mindset and methodology for making volatility-based technical analysis components. Indeed, many chapters in this book follow this development process.

We were all able to execute the scientific method in fifth grade science class. It isn’t all that different now. The truly amazing thing is how many private and professional traders do not use a sound development process when they create their own trading methods. If you follow a logical method, complete with testing, you can start out of the blocks with an advantage; this translates to less money lost while proving a new method.

There are many types of testing. Each phase of trading strategy development requires its own testing methodology. When beginning development of indicators, the more elaborate back-testing methods are tedious and not well suited to the task. A simple MetaStock exploration, complete with code, is presented in Chapter 14 specifically for the initial stages of indicator development. If you use it for the test-and-analyze phase of the scientific method, the numerical results will tell you the truth about your component’s performance. Figure 2.7 shows the MetaStock Explorer application interface.

FIGURE 2.7 A simple indicator testing report, such as this MetaStock Exploration, is created and explained in Chapter 14.

Application window created in MetaStock.
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Using the Explorer, we are able to conduct quick and simple testing for component profit and loss potential, along with other performance metrics.

This brings us to a very important opportunity that you should not pass up.

Your trading decisions can be made from a state of objectivity by using a proper scientific method to create volatility-based technical components and implementing those components within the Framework.





QUIET THE NOISE 

Most religions around the world practice meditation, albeit in different ways, and have done so for thousands of years. All of them seem to use a process of focusing one’s attention on a single point of reference. This process separates a person from the external forces that surround him, and enables his mind to exist or function in a higher state. This age-old practice has sustained great spiritual leadership, facing enormous challenges, spanning the millennia. In many ways, this same process will work to heighten your analysis and trading performance.

We looked in Chapter 1 at the fifth major challenge that stands in your way. It is how the financial news media insert themselves into your life and feed you information that will likely cause you to make incorrect trading or investing decisions. You have the choice of tuning these influences out.

I once listened to a presentation by a top mutual fund manager while attending a local chapter meeting of the Market Technicians Association. In the midst of the tumultuous stock market of 2008, this fund manager controlled a fund rated in the top 1 percent of Long-Short mutual funds for its previous 12-month performance. The manager stated that he was a very technical trader, that he used only one indicator, and that he spent very little time ingesting the financial news of the day. This market master clearly practices a form of trading meditation.

He stays focused on his own technical analysis methods and tools, and in doing so he consciously, and by default, neutralizes the biasing effects of news reporting. Regardless of his methods, his decision-making process is performing at a heightened state of capability and objectivity. You can make the same choice he has, and I hope you do.

This brings us to another very important opportunity within your grasp:

You can achieve a heightened state of trading skill and objectivity by choosing to focus on a consistent set of volatility-based indicators, components, and methods instead of the nonstop media noise and newsprint.


It is a discipline more than a practice. We all have to work at it. Just remember that neither Bloomberg nor CNBC will deposit money into your trading account if their Nielsen ratings go up.




OPPORTUNITIES OUTNUMBER CHALLENGES 

It is true that the obstacles we face as private traders are scary and serious. But as you have been able to see in the previous sections, there are plenty of positive actions that you can implement to overcome them. There are actually more opportunities than challenges for the individual investor. Remember that even if trading is a part time activity for you, it must be conducted as though you are a professional.

The capabilities and examples presented in this chapter by no means constitute a complete list of the many advantages you have. You will uncover additional opportunities in Parts 2 and 3 of this book. I’m certain that if you pursue your own personal development path with volatility-based technical analysis you will discover new market inefficiencies, and make them your own.

Chapter 3 is the first stepping-stone to beginning your development path. It will help you get the most from this book. You will find in it a list of important tenets that aid in the development and interpretation of chart-based technical analysis. The rationale you derive from these tenets will help guide your comprehension as we step through the numerous sections about indicator and method development.

A quick start guide to understanding MetaSwing is also presented. As an example of a fully developed volatility-based technical analysis system, MetaSwing is frequently used to demonstrate many advanced capabilities. It will also help you understand new concepts that are possible. While I trust that you will likely want to create some of your own technical analysis methods, if you choose not to, then understanding MetaSwing will help you better source a volatility-based system for licensing.




CHAPTER 3

The Foundation

Preparations for Exploring Volatility-Based Technical Analysis

 

 

On December 11, 1998, the Mars Climate Orbiter (MCO) was launched from Cape Canaveral, Florida, atop a Delta II rocket. It was part of a dual spacecraft mission, with an estimated total cost of $327 million. The MCO was a beautiful gleaming example of space technology. Packed with advanced instrumentation, its mission was to establish a stable orbit around Mars and study its climate characteristics. The redundancy of its on-board systems was a testament to the capabilities of Lockheed Martin Astronautics, the vehicle’s prime contractor.

When a spacecraft approaches a planet, it executes a series of trajectory correction maneuvers (TCM). It fires rockets to alter its course in very precise measurements. When it’s time to enter the orbit, it completes the Mars orbital insertion (MOI) rocket burn. Trajectory data are produced as a result of the last TCM, prior to the MOI. Rocket scientists, mathematicians, and computer programmers use these data to set up the final MOI timing. Compare it to finding the right parking spot at the mall, but you’re approaching the mall at 12,300 miles per hour.

On September 23, 1999, the big day had finally arrived. All the numbers had been crunched and the MOI rocket burn started at almost 09:01 (GMT). Everything was going perfectly. Soon the MCO would be shopping at the cosmic mall.

It was also expected that during this phase Ground Control would temporarily lose radio contact for 21 minutes. The loss of signal occurred 49 seconds sooner than expected, however. It had been traveling to Mars for over a year, so what’s 49 seconds one way or another, right? It’s actually a lot if you are zipping along at 12,300 miles per hour; 167.4 miles, to be precise. After that earlier-than-expected loss of signal, the Mars Climate Orbiter was never heard from again.

Within six days, engineers at the Jet Propulsion Laboratory determined that the final TCM trajectory data were processed incorrectly. At Ground Control, a software program named SM_FORCES provided its output in English units. Specifically, it was to use  Newton-seconds (N-s, metric), but it actually used pound-seconds (lbf-s, English). The devil really is in the details. As a result, the spacecraft fired its rockets too late and broke up in the atmosphere; it was never designed to even touch an atmosphere.

The specification for the trajectory software clearly stated that only metric system measurements were to be used. The “Mars Climate Orbiter Mishap,” as it was officially titled, occurred because someone did not follow the directions.1 Maybe it should not have been called a mishap. When I make a similar mistake and my trading account suffers, I call it much worse things.

This chapter is designed to provide a foundation in volatility trading tenets, examples, and philosophy before we delve into actual volatility calculations and applications. Without this chapter as basic guidance, some might perceive volatility-based technical analysis and its applications inaccurately because:• We all bring to the table different trading backgrounds, and varying perceptions of technical trading.
• Much of the content presented in Parts 2 and 3 of this book are new and not previously found in traditional technical analysis.
• Some technical analysis concepts, which are routinely assumed as valid, are not treated as such in this book.



Given this set of circumstances, I encourage you to enjoy this chapter. This book’s total value will resonate much more clearly for you as a result. Think of it as reading the directions. We’ve seen how important that can be. . . .




THE PREPARATIONS NEEDED 

Life can be looked at as a series of choices, which use priorities as a basis. Trading, being a subset of life, is also a series of choices. To prepare well for making decisions in ways that you may not have done before, there are some important underlying beliefs that you should embrace. Those beliefs are presented in the Tenets of Volatility-Based Technical Analysis section. Understanding them will greatly help you to comprehend the many analysis exercises in Part Two of this book.

Also, the MetaSwing QuickStart section of this chapter will help you see all of the important details presented in the MetaSwing examples. Many of the more advanced tactics used in the MetaSwing analysis scenarios can be valuable food for thought when you are further developing your own methods. This makes understanding MetaSwing important for you.

I’ve written this book for the simple and practical purpose of helping you make money. It provides a different and realistic approach to technical analysis. Specifically, it incorporates volatility measurement into virtually all aspects of technical trading because, as expressed in Chapter 1, that is what moves prices in the post-year 2000 markets. You should be able to learn the following as a result of reading this book: • Understand why volatility-based technical analysis should be incorporated into a successful technical trading system.
• Develop technical analysis indicators that use volatility measurement; indeed, you should feel compelled to do so.
• Fluency in various methods of swing trading and position trading with volatility-based technical analysis.
• Using volatility and market breadth to forecast short- and intermediate-term swings in the broad market.
• The concept of the way money is made at the extremes should become second nature to you.
• Source and choose a profitable and responsible technical trading system that is based on volatility; in essence, you will be a knowledgeable buyer.






TRADING THE INVISIBLE INDICATORS: ORIGINAL DEVELOPMENT 

As we delve into the application of volatility measurement, custom indicators are created in almost each chapter going forward. Each begins with the letters TTI (Trading The  Invisible). These are all new and original, and were created specifically for this book; they have never before been released, and their primary purpose is for teaching and demonstrating. They will be developed and refined in Parts 2 and 3.

The TTI indicators perform well; better than nonvolatility-based technical indicators, for obvious reasons. Please understand, however, that I did not create them to work extremely well. I consider them to be incomplete because they were meant to be starting points. Their structure should provide creative examples for you to begin with, but each TTI indicator can be further developed for much better performance.

Also, if any of the TTI indicators were published herein as a finished product, with outstanding performance characteristics, it would be a tragic waste. Once a technical indicator is widely released to the trading community, it becomes heavily used. Before long, its effectiveness is neutralized because of overuse. It becomes a victim of a form of technical indicator arbitrage.

This is why very effective technical indicators and methods remain proprietary to their creators. Even trading systems that are sold commercially suffer this fate when they are marketed en masse without capacity controls. A trading method should be used by a limited number of traders so that it can maintain its effectiveness. Responsible system vendors typically implement capacity control with active license management software; standard copy protection is insufficient.

For this reason it is best to practice the 3B rule: Build or Buy, but do not Borrow. It means that your best avenue for trading success is to develop at least some of your own technical components. You will be a better trader because of this. If you decide to not personally build your system indicators and methods, then it is best to license a proven system from a responsible vendor. If you effectively borrow technical analysis from the public domain, then you are choosing to trade without an advantage.




TENETS OF VOLATILITY-BASED TECHNICAL ANALYSIS 

Let’s first focus on some important underlying foundations that I feel are important to this form of technical analysis. Here’s what we are about to cover:• Discretionary or Mechanical: Are we bound by ironclad rules, or do we use judgment?
• Trading System Object Terms: A hierarchy of terms used.
• The Trend: Important or a necessity?
• Time frame: Understanding your time frame within the mathematics of technical analysis.
• Broad Market Cycle: Its influence on your trading.
• Minimum Time in Market: Making market exposure a primary consideration.
• Fundamental Information versus Technical Measurement: Positioning your trading activities for minimum external influences.
• Analysis by Cross-Verification: Achieving high probability decisions.




Discretionary or Mechanical? 

Very few private traders use mechanical trading systems rigidly. Personally, I am a discretionary trader. There isn’t anything wrong with mechanical trading execution except that few people have the stomach for it. The first thing that individuals tend to do when they begin trading a mechanical system is to break the rules in an effort to improve them for that specific situation. The mechanical system, therefore, instantly becomes a discretionary system. It’s human nature to behave that way.

If you want to trade a rigid mechanical system, then I encourage you to statistically back-test it properly with Monte Carlo permutation, throughout many different market environments. This is your best possible defense against the perils of data mining. It will also help you to understand if you can financially withstand the drawdown risk that the system possesses.

In all likelihood, you are a discretionary trader. With respect to development and testing of system components, Chapter 14 was created with you in mind. Many traders test a system without individually testing the components of the system, which is usually a costly mistake. It’s important to first understand how the components of your system or method perform by themselves.


Trading System Object Terms 

To add clarity to several terms, used frequently with respect to technical analysis as a system and parts composing it, here are simple descriptions.• Component, Indicator, and Algorithm are terms used to describe the most basic mathematical, or logical, calculation to derive values.
• Algorithm is also a term used to describe a set of mathematical and logical steps as executed by technical analysis software.
• Method is a term used to describe a trading process for a specific trade setup and management. For instance, an Adeo High Slope is a specific trade method described in Chapter 11. A method normally contains and utilizes a set of components, indicators, and algorithms. A method can be mechanical or discretionary.
• The term System is used to refer to a collection of methods, components, indicators, and algorithms.
• The Framework is a structured three-dimensional methodology for implementing a system’s methods, components, indicators, and algorithms. It achieves success by increasing profit probabilities and lowering risk. The framework depends heavily on component cross-verification. See Chapter 6 for further details about the framework.



Figure 3.1 shows us a diagram that illustrates the relationships between the terms in this list. As you can see, the Framework includes any entire system. This emphasizes the methodology of decision-making over all other considerations. That’s because the Framework itself is always implemented by cross-verification. All of the other analysis objects are presented in the hierarchy.


The Trend 

The majority of the best trades ride the prevailing trend like a surfboard rides a wave. According to most authorities, identifying and exploiting a trend is the primary role of technical analysis. It isn’t as easy as it once was, however. Trend line analysis in particular has gotten very difficult in recent years because trends are decreasingly occurring in straight lines. Pattern recognition and algorithmic trading are causing trends to take different forms, and their associated momentum to be less visible.

FIGURE 3.1 The relationship of trading system objects is shown here.

[image: 012]

Using a trend’s energy is a good thing to do. Trading it successfully increasingly depends on volatility-based support and resistance. But it’s not the only way to trade. Many opportunities exist where trends do not, as with the volatility shift method. That does not mean, however, that you should trade against an obvious trend. That type of activity ends badly more often than not.


Time Frame 

The volatility-based technical analysis methods and components shown herein are useful for swing trading, position trading, and day trading. They are fractal, and therefore function well across most chart periodicities. The real question for most traders is that of their own personal trading time frame. It’s the second-largest potential mistake individual traders can make. Be sure, therefore, to know your trading time frame and execute it consistently.

Aligning the time frame of your analysis methods with your actual trading time frame may seem obvious. Many individuals assume, however, that they are doing so, or trade without even considering this facet of analysis. It’s important to give attention to it, since each can be different.

The value of technical analysis is in its predictive qualities. Predictive quality can be gauged in probability. The further forward the number of chart periods (bars, candles, and so forth), the lower the probabilities become. One very specific value of developing your own components is that you understand implicitly their respective forward time period predictive values.

As examples of this, see the chart in Figure 3.2. Featured is a daily MetaSwing chart of Unum Group (UNM). There is more about MetaSwing later in this chapter. An Adeo Long signal is beside Rectangle 1. The function of an Adeo signal is to predict when the price will reverse or pause. It is normally combined with other components within a method to predict high probability reversals. In this case, it’s shown in a standalone example so that we can view its predictive time frame.

In a daily chart periodicity, the Adeo has a forward predictive probability range of two to five days. After five periods, its probability declines sharply. Prior to rectangle 1, notice how the short-term trend is down. A brief and shallow reversal occurs, resulting in no more than a pause in the current downtrend. The same happens for an Adeo Short beside rectangle 2. These examples demonstrate that the Adeo predictive time frame, like virtually all technical analysis components, has limitations. Knowing the time frame of your components is essential.


Broad Market Cycle 

The prices of most equities in a market tend to move with a high level of correlation to that market’s index. Understanding ways to effectively forecast the broad market’s  short-term and intermediate-term swings is a critical part of trading. In fact, I believe that it is the single most important skill a trader can possess. I also believe that ignoring this process is the single largest mistake a trader can make.

FIGURE 3.2 The predictive value for any technical analysis component is unique to itself, and can usually be measured in a forward quantity of periods.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Your long and short trading activities, therefore, should be conducted to correspond with the like directions of the broad market. Chapters 8 and 13 of this book deal specifically with this topic. If you do this activity well, it becomes difficult to fail as a trader.


Minimum Time in Market 

To have your trading capital in a market position is to have it at risk. Having it in cash involves no risk. Therefore, making 10 percent in a trade that lasts three days should be considered more profitable than the same 10 percent made in six days. “Minimum Time in Market” should be an ongoing operating goal for two reasons.

 FIGURE 3.3 This example of HCA Corporation (HCA) shows how quickly a winning position can turn into a losing one, and thus emphasizing a minimum time in market philosophy.

Chart created in MetaStock.

[image: 014]

First is the reality of limited trading capital. A single dollar can be in only one position at a time. If your money is tied up in a position that stretches on too long, then it is not available for another concurrent opportunity. The second reason is that unforeseen fundamental events happen with regularity. If a single equity or industry analyst gets up on the wrong side of the bed some morning, your existing position can, in a flash, be reversed past your entry point.

There is a daily chart of HCA Corporation (HCA) in Figure 3.3. This chart uses two components created in later chapters to generate trade entry signals. The proper entry and exit days are denoted with vertical dashed lines. Notice the unfortunate gapping price drop on April 14, 2004. This is the penalty the swing trader would pay had he not exited as he should have three or four days earlier; a winning trade would instantly turn into a losing one. This gap occurred without warning because of an analyst downgrade.


Fundamental Information versus Technical Measurement 

Fundamental information and chart technical measurements each have an effect on price movement. Unfortunately for the market technician, fundamental news and  information is the dominant force. Fundamental will trump technical in virtually all circumstances.

Because of this dominant force, the technical analyst should seek to trade an instrument or security that is undergoing a void of fundamental information. As best possible, seek to ensure that a very quiet news period will persist during the projected time span of the trade. This is another reason to know and adhere to your trading time frame. Avoiding holding a single-sided position during an earnings announcement is the number one precaution you can take.

This is not to say that technical analysis is of no value when fundamentally driven events occur. It is just that technical analysis performed before a fundamental event is of much less value once the event occurs. At that juncture, the analyst must reconsider her previous judgments.

When extreme fundamental events happen, however, large price movements accompany them and usually move toward extremes, which are identified by volatility-based technical analysis. The irony is that when things go really awry, fundamental price measurements are difficult to apply and volatility and statistical probability is what most staunch fundamentalists revert to. This sort of behavior is commonly witnessed during quarterly earnings announcement. The Microsoft example, beginning at Figure 4.2, is an illustration of how fundamental events are driven to use volatility measurements.


Analysis by Cross-Verification 

To verify is to confirm or to substantiate something. To cross-verify is to repeat the verification process by using a separately independent means. Technical analysis makes consistent use of the primary time series data, which are the high, low, open, close, and volume. Cross-verification in technical analysis involves performing analysis with the same data but in different ways.

The most common mistake inexperienced traders make is to base decisions on several indicators of the same type. The logic for this is that if one momentum indicator reads oversold, it is three times more meaningful when three momentum indicators say the same thing. This assumption is greatly flawed. In reality, most momentum indicators function very similarly with respect to their internal calculation methods. Therefore, additional signals from similar indicators provide little additional predictive value. A method of proper cross-verification involves using technical measurements of different types, such as support and resistance or trend strength. Since these indicator types calculate their values very differently, their incremental confirming effects add real value.

Think of it in the same way that a global positioning system (GPS) works. It requires a minimum of four different satellite signals for a location to be computed by triangulation. Each satellite is far away from any of the other satellites. It would therefore be useless to have two satellites sitting next to each other. Furthermore, when a GPS receiver adds more satellite signals to its calculation, its accuracy increases. You could then say that the GPS is using a form of cross-verification.




COMPONENT TESTING 

I use a process of testing the relative effectiveness of a component in several chapters of this book. The method used produces a simple arithmetic mean, and uses the price data of the S&P 500 Index components. This test process is sufficient for use only during the component development process.

It produces results designed to show a component’s individual predictive value when used alone. The results show the component’s potential for profit and potential for loss in the form of a raw average. Full details on this book’s testing methodology are presented in Chapter 14. This simple average process can be performed by combining the report-generating capabilities of most programmable technical analysis software in combination with Excel. It is quick and simple, and the MetaStock code for it is also presented in Chapter 14.

It is not a substitute for valid statistical back-testing methods. It does not perform any statistical distribution analysis. It is not suitable for use as a basis for trading decisions. Backtesting systems such as Monte Carlo permutation and Bootstrap should be used when whole trading systems and methods are tested.




METASWING QUICKSTART 

The majority of this book focuses on the construction of volatility-based technical analysis components and methods. Samples of specific MetaStock function language code are presented for your use in doing so. In fact, as the chapters progress, different components and potential methods are improved and expanded upon.

Consider the average television cooking program. As they make the featured recipe, it is shown throughout the preparation process, ending with the chef showing a finished dish so that the viewer can see how it should turn out.

For this same purpose, the MetaSwing system is featured throughout this book. MetaSwing charts demonstrate a mature and comprehensive volatility-based technical analysis system and framework in action. You should view its charts as one possible outcome of the development processes that you’ll be learning in the coming chapters. The MetaSwing system is proprietary; as a bonus for having invested in this book, however, Chapter 13 provides you with the actual source code for the MetaSwing (version 3.2) Correction and Surge components. That source code has never been released before its publication in this book. The timely usage of those components can be very profitable for any trader.

What follows is a short tutorial on MetaSwing. Its major features are discussed and accompanied by examples. This quickstart is not a complete instruction manual for using MetaSwing, but it will get you started. By familiarizing yourself with this system, an important percentage of the volatility-based technical analysis presented in this book will be much more useful to you. If you are more visually inclined, there are also instructional videos that cover much of the same sections that follow. You can access them at  www.metaswing.com/htm/tutorials.html. The pages that follow, however, are a quicker way to grasp the content.


N Bands 

N Bands consist of lower and upper price bands (or trading bands) that serve as immediate levels of extreme support and resistance, respectively. N Bands are very different, in both composition and usage, from other forms of price bands, such as Bollinger bands, Keltner bands, or standard error bands.

The central defining composition of N Bands is that they quantify a security’s most significant level of consolidated implied volatility, as plotted on the stock chart. In short, the N Band is a single price representation of the stock option’s implied volatility. The N Band is fractal in nature, so it adapts appropriately across any chart periodicity.

FIGURE 3.4 In this daily chart of PF Chang’s China Bistro (PFCB), N Bands demonstrate how they provide immediate levels of support or resistance.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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We have in Figure 3.4 a daily chart of PF Chang’s China Bistro (PFCB) with upper and lower N Bands plotted. The N Band is expressed in the same price units as the Y-axis at right. In circled areas 1 and 2 note how the price pauses and changes direction when it reaches the band. In circled area 4, the price pauses and reverses when it nears the one Average True Range (ATR(40)) area near the lower N Band. In circled area 4, the intraday range reaches the upper N Band resistance and reverses. The key characteristic to remember about N Bands is that the band itself represents immediate support or resistance.

Behavior characteristics include:• When price approaches the N Band, it usually reverses or pauses.
• Moderate immediate support is reached when price comes within one Average True Range (ATR(40)) of the lower N Band.
• Extreme immediate support is reached when the price touches or crosses the lower N Band.
• The same immediate resistance relationships exist for the upper N Band.
• N Band peaks and troughs form S/R lines, which are future levels of support or resistance.




N Band S/R Lines 

N Band S/R lines are hereinafter referred to as S/R lines; the S/R stands for support and resistance. S/R lines are horizontally plotted dashed lines on the stock chart, and are formed by the peaks and troughs of N Bands. These lines are used as technical levels of support and resistance. S/R lines function within the concept of Projected Implied Volatility (PIV). This is because they are formed by N Band peaks and troughs, which are key levels of consolidated implied volatility. As such, they project these key levels forward as support and resistance. You will learn more about PIV beginning in Chapter 5.

There are four dominant S/R lines and four matching secondary S/R lines. The four dominant lines are created directly from the two N Band peaks and troughs. The four secondary lines are exactly one unit of ATR(40) distance from its matching primary line. Just as with classic technical analysis support and resistance, each line becomes the opposite when crossed. For example, once crossed decisively, a resistance line functions as a support line. For ease of reference, S/R lines use a simple top-to-bottom numbering system. S/R 1 is formed from the peak of the upper N Band and S/R 3 is formed from the trough of the upper N band, and so on.

Figure 3.5 shows how S/R lines function as support and resistance barriers. Note the price gap across S/R 4 in November 2007. Price continued decisively in the same direction until it met resistance. Also note the trading range that resulted in March between S/R 5 and S/R 6. The other circled areas demonstrate the S/R lines functioning as basic support or resistance.

Behavior characteristics include: • When price approaches an S/R line, without having done so recently, it usually reverses or pauses.
• Price will also experience periods of consolidation at or between S/R lines.
• Areas between S/R lines frequently form trading ranges, in the short- or intermediate-term time frames.
• Breakouts above S/R 4, or below S/R 5, indicate possible beginning trend formation or continuation.
• When price gaps over an S/R line, it is a signal of additional price momentum in that direction.
• When an S/R line from each of two time frames aligns closely, the line becomes significantly stronger.
• When price sits at or close to an S/R line, combined with other MetaSwing signals, specific trading methods are worth consideration. This is a result of proper cross-verification.



FIGURE 3.5 N Band S/R lines serve as important levels of support and resistance, formed by the forces of recent options implied volatility levels.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Adeo Long and Adeo Short 

The Adeo occurs when price is at a place on the chart, at a specific time, where it should not be, as measured using volatility-based calculations. Price is statistically out of bounds. It is very much more than a typical overbought and oversold level. The Adeo is a primary MetaSwing component for reversal trading methods. Figure 3.6 shows a daily chart of Nvidia Corporation (NVDA) during an intermediate decline, a short-term base, and a subsequent intermediate rally. Adeo signals occur at key points during this price movement.

Behavior characteristics include:• When used concurrently with other MetaSwing components, it can provide a signal of a high probability price reversal, and can thus be used to identify a trade or position entry point.
FIGURE 3.6 In this daily MetaSwing chart of Nvidia Corporation (NVDA), Adeo signals demonstrate their ability to signal short-term reversals and identify trend entry points.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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• When used alone, it can serve as a high probability Exit signal for an existing position.
• The forward accuracy range of an Adeo is two to five periods.




Exit Signals 

The Exit signal is derived from extreme volatility relationships of two key MetaSwing tandem indicators. The purpose of the Exit signal is to show that further price action in the current direction will be very unpredictable. Once the Exit signal has appeared, most of the profit attainable as a result of a short-term swing has usually been achieved. You will learn much more about how these exits are derived in Chapter 12. In Figure 3.7, volatility-based Exit signals are shown above and below the price candles. When positioned above the candle, it is an Exit Long signal, and those below the candle are Exit Short signals.

FIGURE 3.7 Volatility-based Exit signals contribute heavily toward closing short-term positions and capturing as much of the potential profit as is possible.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Behavior characteristics include:• It can serve alone as a high probability Exit signal for an existing position. They should normally be used with other MetaSwing components for best results, however.
• When used concurrently with other MetaSwing components it can provide a signal of a high probability price reversal and thus be used as a trade or position entry point.




DLRL-DSRS Indicators 

MetaSwing comprises over 15 different technical oscillators. Some are used directly by the user. Most are used internally as inputs to neural algorithms. Most of them function as indicator pairs, along a unique tandem construct. The indicator pair forms opposing measurements that identify an oversold or overbought condition, and then gauge its severity relative to historical levels. Together, the pair confirms to identify a true extreme level.

Figure 3.8 shows how the DLRL-DSRS indicator pair works together. The DLRL indicator is the solid line and measures the oversold level of price. The DSRS indicator is the dotted line and measures the overbought level of price. They each read a positive for their respective signal types when the indicator value falls below the zero line. The upper end of the Y-axis is unlimited and unfettered. The lower end of the Y-axis is very rigid at or just below zero; the indicator will not go far below zero.

One is not considered extremely oversold or overbought, however, unless the other is reading high levels relative to recent peaks of itself. Since both work together to confirm extreme levels, this indicator pair is called a Tandem Construct. For an example of the DLRL-DSRS Tandem indicators applied to a stock chart, consult Figure 7.17 and its descriptive narrative.

 

MetaSwing® DLRL-DSRS Tandem Construct

FIGURE 3.8 The DLRL-DSRS Tandem Construct indicators produce more reliable oversold and overbought readings because of their dual nature and their basis of pure volatility-based algorithms.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.
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Behavior characteristics include:• It identifies a true and relative, extreme oversold and overbought price level.
• The DLRL-DSRS indicators are trend compensated to work well during trending conditions.
• The DLRL measures extreme, or true oversold, when it is below zero and the DSRS is at its high or higher for the previous three to six months. The respective relationship exists for overbought conditions.
• When the MetaSwing Divine oversold indicator also reads below zero, the DLRL oversold reading is additionally confirmed. The Divine indicator will often lag the DLRL by two or three periods. The respective relationship exists for overbought conditions.




Correction and Surge Signals 

MetaSwing Correction and Surge signals are extreme market breadth signals based on a proprietary ratio. The Correction signal in particular will help you to quickly exit long positions before profits turn into losses. These signals help you understand the likely trading direction the broader market will take in the coming days or weeks. Each of the two major U.S. stock exchanges, the NYSE and the NASDAQ, has Correction and Surge signals. When the same signal occurs on both exchanges, it is considered a Total Correction or Total Surge signal.

These extreme selling or buying days are the market’s way of telling you that a potential change in direction is happening. The entirety of Chapter 13 is devoted to Correction and Surge signals. You are presented in Chapter 13 with the MetaSwing (version 3.2) source code for Correction and Surge signals. This source code has never before been released. This system is also important for understanding the intermediate-term market direction. Figure 3.9 gives you an example of these signals in action.

Correction signal behavior characteristics include:• The signal is most significant and potent when no other Correction signals have occurred for at least 15 days.
• The Total Correction event has much greater predictive value than the individual NYSE or NASDAQ Correction events.
• The higher the close between the N Bands on the day of the Correction event, the greater the potential for downward price action in subsequent days.
• When a Surge signal appears immediately after a Correction signal, the short-term market direction is unclear.



Surge signal behavior characteristics include:• If the Surge event occurs after an intermediate-market downtrend, then strongly consider finding exit points for any short positions you currently hold.
 FIGURE 3.9 The circled signals and arrows in this chart of the S&P 500 Index show how Correction and Surge signals help you forecast the broad market intermediate-termtrading direction.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.

[image: 020]


• Wait after a downtrend for a second surge event to confirm that a current intermediate-term bottom may be forming. Make sure that the recent Surge signals outnumber recent Correction signals. In other words, wait for there to be two Surge signals that are more recent than the most recent Correction signal. They also need to be relatively close together.
• The more predictive of higher prices to come the Surge signal is, the lower its position between the N Bands. This is because PIV and volatility-based support is closer, and thus resistance is further away.
• Consider trend strength to be the most important technical measurement once two successive Surge events have occurred; use a three-day periodicity for this.
• Unlike Correction signals, a stock’s oversold technical reading can be important for short-term trading.
• Unlike Correction signals, time is not of the essence for Surge signals. Carefully choose a stock that has been showing signs of strength during the previous downtrend.
• During a bull market, if the Surge signal occurs while the market has been experiencing an intermediate-term uptrend, then consider it a continuation signal.




Trend Strength 

The MetaSwing Trend Strength component is referred to in this book as TTI Trend Strength. Its purpose is to confirm the likelihood of a trend beginning, or when it may be coming to an end. This indicator is used as a confirming component in several trading methods, the most common of which is trend following.

TTI Trend Strength is also used as an indicator pair, although the pair is not an opposing construct. The pair is used instead to confirm each other. One component of the pair uses a 10-period partial lookback, and the other uses a 20-period partial look-back. You will learn more about this indicator in Chapter 6, where it is introduced. For an example of TTI Trend Strength, examine its use in Figure 3.10.

Behavior characteristics include:• The actual numerical value of TTI Trend Strength is unimportant. The method for interpreting it is to examine a 20-period linear regression analysis of it. The positive or negative readings are derived from the positive or negative readings of the slope of the 20-period linear regression line plot.
• If both lines have positive slopes, then its logic is positive for an upward trend presence.
• If both lines have negative slopes, then its logic is positive for a downward trend presence.
• This indicator should be used in conjunction with S/R lines for trend confirmation.
• When stocks are experiencing strong trend rallies, this indicator will usually warn with negative readings just ahead of the trend’s end.




Putting It All Together 

MetaSwing is a comprehensive system and framework that enables volatility-based technical analysis to work for swing traders, position traders, and intraday traders. It relies heavily on a strong framework methodology that uses cross-verification by multiple components within a trading method. You will learn much more about the Framework in Chapter 6.

Figure 3.10 shows an example of a simple Adeo long trade method for a possible beginning trend breakout. The chart depicts a daily MetaSwing plot of Aaron Rents (RNT). This method serves as swing trade or a position trade for trend following. For support of the trade’s entry point decision, here are the more basic individual points of analysis logic that can be derived from this chart.

 FIGURE 3.10 This daily MetaSwing chart illustrates how several different components of volatility-based technical analysis are used with cross-verification to produce a profitable long trade.

Chart created in MetaStock. Chart uses the MetaSwing Add-on, by Northington Trading, LLC. All rights reserved.

[image: 021]

• The circled area shows an Adeo long signal occurring the day after the price closes right at the S/R 3 support line on February 24, 2004.
• Price has recently gapped up and traded straight through resistance at S/R 3 and S/R 4, indicating a probable change in trading direction. Research may show some fundamental reason for this. It is a classic sign of long side demand.
• In the center indicator pane, both components of the TTI Trend Strength are showing positive slope values. There are 20-period linear regression lines plotted over the indicator lines for illustrative purposes between the two vertical dashed lines.
• In the bottom indicator pane, the DLRL oversold component (solid line) level is below zero. The opposing tandem component, the DSRS (dashed line), is showing  a high reading relative to its recent levels. These two conditions confirm an extreme oversold condition for the short term.




DISCOVER BY DOING 

It is my wish that when you finish this book you will know volatility-based technical analysis. I don’t mean understand or recognize it when you see it; I mean really know it. I want it to be a part of you and your success.

Vince Lombardi, arguably the greatest football coach of all time, said this:

I firmly believe that any man’s finest hour, the greatest fulfillment of all that he holds dear, is that moment when he has worked his heart out in a good cause and lies exhausted on the field of battle—victorious.


This quote and his other beliefs teach us that to succeed, total commitment is required. Our “field of battle” is the market in which we trade. The people we compete with are the best in the world. To truly succeed, you must achieve successive personal bests.

The time to begin actual development of your own indicators is now, right here at the completion of this chapter. The remainder of this book is devoted to creating and implementing volatility components within programmable technical analysis software. The best way for you to learn this process is by doing. If you don’t already have software installed on your computer, then I recommend getting some to use while you finish this book. In doing so, you will be able to gradually see mathematical chart components take shape right before your eyes, not just on the printed page.

The list of responsible vendors is more than sufficient. These packages normally install easily over an Internet download. Here is a partial list:• MetaStock
• TradeStation
• eSignal
• NeuroShell
• Wealth-Lab



The indicators developed herein are shown coded in the MetaStock function language. Appendix A depicts these same components written in TradeStation EasyLanguage code. You will find there the actual EasyLanguage code along with explanations of its execution particular to the TradeStation platform.

A special arrangement for access to MetaStock software has been created for this book’s readers. At this book’s companion web site, www.tradingtheinvisible.com, you will find links and a web page giving you the details. There is also a special offering page with details in the back of this book. This special offer provides you with an opportunity  to concurrently use MetaStock software while exploring the volatility-based components that we learn in Parts Two and Three. A hands-on experience with programmable technical analysis software should greatly enhance your endeavors to leverage volatility.

I encourage you to turn comprehension into action. Parts Two and Three will demonstrate price action in ways that larger institutional players see it. I hope you enjoy it and use it.




End of sample




    To search for additional titles please go to 

    
    http://search.overdrive.com.   


OEBPS/page-template.xpgt
 

 
	 
		 
	

	 
		 
	

	 
		 
	

	 
		 
	

	 
		 
	    		 
	   		 
	    		 
		
	



 
	 






OEBPS/nort_9780470522301_oeb_180_r1.gif
[ 5 A 50,1700, 110600, 111100, 90200 MW N8 3 007562 MW NGS5 5558 56952, 9 5402 939054 M 183 154789 1)
0t Tirse Frams] 0
- l.uu’ i
"l y I'lﬂ!“ !ﬂlv’ e

SR R -
T rend Siengh = —
R L
i B DLRL-DSRS “Tandem Indicator Height :;
e\ ; H

e e






OEBPS/nort_9780470522301_oeb_127_r1.gif
0 03 40770, 1750 A1 I 5 100 VA7 163 7 o W WS, 1 208 3725 38 st 1]
20

DLRL-DSRS

Tooptoroer

Todker

Tovermber

Toodembar

Tadon.

Trestvary






OEBPS/nort_9780470522301_oeb_259_r1.gif
pds2i= Tnput(“Linear Regression Length, 5, 1000, 40);
LinearReg(C, pdsz, S, 1)
ATR(LO);

(RIS






OEBPS/nort_9780470522301_oeb_104_r1.gif
Cross( Eml(“ITI Fabric Ratio LR-SD), 1.5)





OEBPS/nort_9780470522301_oeb_236_r1.gif
s @ it
" }fﬂv“ﬂ%ﬂ!

//\#\ . DLRLDSRS

I T e
eeamber

R
T

T Tz o ol f Tz 6 B
i Taver

E s B
T






OEBPS/nort_9780470522301_oeb_047_r1.gif
ETE]

s
a0
s
00
28
20
78

Expanental Moving Average:

s i3 foiler To T T or 5ol T
oy fawrer T

Tis 2 Bos T T s s T [r B i [
Tne oy s






OEBPS/nort_9780470522301_oeb_179_r1.gif
52 12500, 175000, 117700, 11860, -0 82001, WS N6 3 (10 150, WSW NG G385 960524 965402 8 9054, MW 183 (347321

=k
JT

£
DLRLDSRS Tandem ingeator Hegrt H
e, D WA






OEBPS/nort_9780470522301_oeb_322_r1.gif
{MSW_DLRL_Peaks}

Valuel = MSW_DLRL_ne(20):

Valuez = (MSW_Peak(Valuel, 90,0) +
MSW_peak(Valuel, 90,1)
MW _peak(Valuel, 90,2)
MSW_peak(Valuel, 90,3)
MSW_Peak(Valuel, 90,4)
MSW_Peak(Valuel, 90,5)
MSW_Peak(Valuel, 90,6)) / T:

MSH_DLRL Peaks = Value2 * 1.1;





OEBPS/nort_9780470522301_oeb_213_r1.gif
Cross(Eml("MSW Max DIRL Delta 207),Fml("MSW Max DIRL Delta 20 Peaks”))





OEBPS/nort_9780470522301_oeb_345_r1.gif
2.5 Weeks| 3.5 Weeks 4.5 Weeks.
Distribution of Unit Movement

Distance from Center Line:

Close Between | and -I 79.9% 70.6% 6a.5%
Close > 1 13.2% 18.8% 22.4%
Close < 1 6.9% 106% 13.0%
Avithmetic Mean of Close 014 015 0.20
Median Close 0123 0123 0.159
Arithmetic Mean Distance from Center Line 065 079 0.90
Geometric Mean Relative from Center Line. 0.419 0521 0595
Standard Deviation from Center Line 0542 0.643 0751

Trades were conducted on the S&P 500 stock population from July 2000 to June 2008,

Total Quantity of Trades = 851. (Represents one of four types of MetaSwing Compression

methods.)





OEBPS/nort_9780470522301_oeb_001_r1.jpg
Volatility-Based
Technical
Analysis

Strategies for Trading
the Invisible

KIRK NORTHINGTON

WILEY
John Wiley & Sons, Inc.






OEBPS/nort_9780470522301_oeb_099_r1.gif
L
w2
x-(3
x1-ta
x1-ts

LinearReg(c,
ATR(14);
(s + 5213
a2
3+ w25
2+ 525

- %21
%2
2
2

ods,

s

Input (“Linear Regression Length,

s

s,

1000,

01





OEBPS/nort_9780470522301_oeb_110_r1.gif
Magnified Curent Derivative

[Pastto Curen]  [Past o Current]
HLOOV. Magnifcation

N
Agatthm — Derivative






OEBPS/nort_9780470522301_oeb_133_r1.gif
High Probability Japanose Candlostick Patterns.

S

Bearish Enguifing
Type: Bearish Reversal

Trad: Short

i
I

Three Line Strike

Type: Bulish Roversal

Trade: Long

’ ﬂ'n"nl;: “'

ctterg

Type: Bearish Reversal

Trade: Short

Metaswin

o Signals

g
‘g#! Din

Exit short
Type: Bulish Roversal

Trade: Long






OEBPS/nort_9780470522301_oeb_242_r1.gif
(Security(“Ci\Metastock Data\EM Data\X.NASD-A%, C)
Mov(Security("C:\Metastock Data\BM Data\K.NASD-A”,
Security(“Ci\MetaStock Data\BM Data\X.NASD-D", C)
Security("Ci\MetaStock Data\BM Data\X.NASD-U”, C),
>3

#
a

s

sn





OEBPS/nort_9780470522301_oeb_265_r1.gif
Cum{If(Ref(
Gross (~25, il (“ITI Composite®))
PRI
(LLV(L, 10) - Ref(C, -9)) / Ref(c, -9), 0) )






OEBPS/nort_9780470522301_oeb_024_r1.gif
One Standard Deviation
20-Period Lookback

T N O (30 200 N 8 O 0 2 N 1200 7 T
foaabar et e oo






OEBPS/nort_9780470522301_oeb_156_r1.gif
© > Trough(1, Eml("MSW NE 3 Upper”),
FAL(“MSH Max DLRL Delta 207) < 0 AND
Eml ("MSW Divine Max Short”) < 0 AND

3 Ao

(Mov(Y, 10, 5)*100) * ©) > 250000 AND

© > 1.50 aND
© < 800 AND
ov(v, 10, 8 > 1500)





OEBPS/nort_9780470522301_oeb_288_r1.gif
1f conditionl then

begin
Ploti( High ) ;
Valued = Text New(Date, Time, High, “D%) ;
Values = Text_Setlocation(Valued, Date, Time, High * 1.03) ;
Values = Text_setstyle(Valued, 2, 0}
Values = Text_SetColor(Valued, Black)
end
1f Conditions then
begin
Ploti( High ) 3
Valued = Text New(Date, Time, High, “R%) ;
Values = Text_Setlocation(Valued, Date, Time, High * 1.03) ;
Values = Text_Setstyle(Valued, 2, 0)
Values = Text_SetColor(Valued, Black) ;
end 5
end 5
If Condition? and Conditiond then begin
Plot2( Low ) &
Valued = Text NewiDate, Time, Low, “RD") ;
Values = Text_Setlocation(Valued, Date, Time, Low = (Low *. 03)) i
Values = Text_Setstyle(valued, 2, 1) ;
Values = Text_SetColor(Valued, Black) ;
end
else begin
15 conditionz then
begin
Plot2( Low ) 3
Valued = Text_New(Date, Tine, Low, "D} ;
Values = Text_Setlocation(Valued, Date, Time, Low - {Low *. 03)1;
Values = Text Setstyle(Valued, 2, 1) ;
Values = Text_SetColo(Valued, Black)
end 5
I£ Conditiond then
begin
Plot2( Low ) 3
Valuet = Text New(Date, Time, Low, “R*) ;
Values = Text_Setlocation(Valued, Date, Time, Low - (Low *. 03));
Values = Text Setstyle(Valued, 2, 1) ;
Values = Text SetColor(Valued, Black) ;

end 5

end 5





OEBPS/nort_9780470522301_msr_ppl_r1.jpg





OEBPS/nort_9780470522301_oeb_139_r1.gif
[T e, 2o e G 45207

5]

Trend Compensated

m

Tnear Regression agusied

»
@
S
©

T T o Tou e T TroorT—Tar T iy Tin Tt

g oo Tou v Toee Foa]

w
w
»






OEBPS/nort_9780470522301_oeb_082_r1.gif
Fighghte| Syrbcls [ Aot

[SITTIATR Top wth Rand D
(9ITTI TR Botom wth R and D
(UITTIATR Top win F-Square
(VITTIATR Batom wih R Sauared
ST ATRTep

(5 TTIATR oton

TTI ATR Botto]

I£(C < Hou(C. 40, E).

L - Mou(L, 400 E)) /C) % 100) »
TR(14) ~ €) % 100).

H - Mov(H, 40, E))'/ C) % 100) *
TR(14) 7 €) *"100)

Cross(Mov(x, 40. E) - Stdev(x, 200).
Hov(x. 3. S)






OEBPS/nort_9780470522301_oeb_116_r1.gif
} TTI Trend|Strength

ET Tl

i |
T Tl

|
F mms Rl

e

|
Te o o b i o]
Toay I

A RERE
3 1






OEBPS/nort_9780470522301_oeb_305_r1.gif
Plots(112,
Plot7(L73,
Plots(ird,
Plots(Lrs,

wLr2e,
“ir3v,
e,
Lrse,

Theeadoolor);
Theeadolor);
Theeadoolor) s
Theeadoolor);





OEBPS/nort_9780470522301_oeb_059_r1.gif
Option Type—call or put
Interest Rate
Dividends
Strke Price
Time to Expiration
Underlying Stock Price

~

[ "Gption Premium

Price
[Actual)

e

Option
Pricing
Moda]

Implied Valatity
[Actual]






OEBPS/nort_9780470522301_oeb_334_r1.gif
Format Symbols L)
o e

T Ce)
Ry R
i Mo R B | S
oEkET O oER S






OEBPS/nort_9780470522301_oeb_225_r1.gif
Moving Average (Total Issucs Traded)





OEBPS/nort_9780470522301_oeb_076_r1.gif
Name: TTT ATR Top with R and D

Symbols Sell Arrow
Cotor: Red

Label: RD

condicion:

xi= IE(C < Mov(C, 40, E),

(UL - WoviL, 40, E)) / ©) * 100)
(U = woviH, 40, B1) / C) * 100)
Crossiovix, 3, S,

Wovlx, 40, E) + ((1 + RSquared(c,
Ao

CrossWovix, 3, S), Wovix, 40, E)

© (ARG /0 + 1000,
* (ATR(14) 7 ©) + 10005
201) + stdevix, 2000) )

+ staevix, 200))





OEBPS/nort_9780470522301_oeb_351_r1.gif
W
mlﬂwﬂ"%ﬁ " g

O (0 (4220 0 e L

5 it

["T6d Tav

Toec 2068 reb.

Tar " Jor ey

8888585888833






OEBPS/nort_9780470522301_oeb_168_r1.gif
TR 5530, 7570, 5800 73900, D 2500 WSU N 3 543353 VSW/ 183 U500 VI NEBL 8027, 671351 60382, 675468 6]
SR2 @

TTI Trend Strength |- =00

Divine

DLRLDSRS Tandem ingicator Heght o0z

S5 I pobil b T o e p o [w po[o b [ br bl [ [ s B B s B
iy ) " ey e W






OEBPS/nort_9780470522301_oeb_122_r1.gif
Capabilities TTIATR TTI  TTiFabric TTIFabric TTI Fabric TTI Trend
Components Application Extreme _StochEx SD. '3 Ratio LRSD _Strength

T Oversold/overbought
Trending x x
Nontrending x x
TTI Trend Entry x x

2 Trend Detection
Trending x x
Nontrending
TTI Trend Entry x x

3 Broad Market Integration
Trending
Nontrending
TTI Trend Entry

4 Support and Resistance
Trending
Nontrending
TTI Trend Entry

5 Historical Volatility

Trending x x x x
Nontrending x x x x x
TTI Trend Entry x x x x

6 Implied Volatility
Trending
Nontrending
TTI Trend Entry

7 Muli-Time Frame Verification
Trending x
Nontrending x x x x
TTI Trend Entry x






OEBPS/nort_9780470522301_oeb_185_r1.gif
5102590, 127400, 12480, 125806, 0 7000 VI 6 3 (137830, W5 6 3 L3184 oW NESL (17587, 1 411, 113974 109758 1]

iy Chart

TTi Fabric LR
N

IDLRLDSRS -

B

o

JC—

e






OEBPS/nort_9780470522301_oeb_013_r1.gif





OEBPS/nort_9780470522301_oeb_030_r1.gif
[T 5500 5509035520, 35 200, 052000,V 3 8 740 MW 3 GRS VIS AL 2857, 2787, 215035, 2795 1|
Daily Chart
Long-Term Resistance at 3721 Monthy Chart]

b

Divine e, Fu

DLRLDSRS

N R 2 30 02 N 08 230 N 0T
[ erember g e e i






OEBPS/nort_9780470522301_oeb_277_r1.gif
Valuez = TTI_ATREx_1(40, 14, 200, 3, uExtreme, lExtreme] ;





OEBPS/nort_9780470522301_oeb_294_r1.gif
(71 stochex 2)

Tnputs:
UpperRange (100),
Upperextrone (95),
LowerExtrene (5),
LowerRange (100)
Guidecolor (Black),
StochExsDOslor (Black),
StochExATRCsLor (BLack)
stDeveeriods (14),
Potkeeriods(s),
Potoperiods(3),
ATRPeriods(5),
Add1SmoothPeriods(3);

Varisbles:
StochExSD(0),
StochexATR(0),
StochEx(0);





OEBPS/nort_9780470522301_oeb_283_r1.gif
Lextrener

Kaverage(Valuel, PDSL) -
({1 + RSquare(Basiurber, Close, DSS)) * Standardbev(Valuel, PDS3, 1))

TRT_ATREX 2 = Value2;





OEBPS/nort_9780470522301_oeb_071_r1.gif
TTIATR Extreme

ST TosperoerJouoer " Wowrmoar " Toetemter o0 Festay oo






OEBPS/nort_9780470522301_oeb_065_r1.gif
NNBEUKURBESEEE2REES

. 2 £
ERBRE BREE el






OEBPS/nort_9780470522301_oeb_207_r1.gif
o i [ 7 Tia i e 156 o3 oo 17 i 120 7 |
" " o T -






OEBPS/nort_9780470522301_oeb_340_r1.gif
[P o SR LT 072 K 5000 AR OB B LoniT 8 VT S0SS8 VSR 2528 2068 B 180 17

—— i o 3 Ciam ”
m...«s..fw.‘{?w e om fow
15 s ok 0202k 10102020 178 39,000 . fow

3 3 [ P [y iy ]






OEBPS/nort_9780470522301_oeb_316_r1.gif
Ry W8 4738 037 B B3 AT G A o Ve WG T T W W T

[Fw e svogmo a7t <zt 500

50






OEBPS/nort_9780470522301_oeb_231_r1.gif
((Security("c:\Metastock Data\BM Data\X.NYSE-D¥,
Mov{Security("Ci\Metastock Data\BM Data\X.NYSE-A"
Security("Ci\Metastock Data\EM Data\X.NYSE-D", C)

Security(“Ci\MetaStock Data\EM Data\K.NYSE-U”, C)
> .505)
And

o/
]
.5

s





OEBPS/nort_9780470522301_oeb_174_r1.gif
B i TUN

2

'

/—‘\

AOTT

[ T el

imm

F b [esbo

FRm k]

3moa

P

0






OEBPS/nort_9780470522301_oeb_191_r1.gif
DLRLDSRS,

RN (W A 7 7}
Ty






OEBPS/nort_9780470522301_oeb_006_r1.gif
S 70, 100056200 51500 0500 510150 | [E3N/DA 300, 6450038500 5300053001 15116 013
: : NVDA

o [}
] o
w

o e 1 I - o 23






OEBPS/nort_9780470522301_oeb_115_r1.gif





OEBPS/nort_9780470522301_oeb_186_r1.gif





OEBPS/nort_9780470522301_oeb_220_r1.gif
oLRLosRS ‘ — e

T T g JSep " Jod " ow ' Iowc ' 003 " Jreb ar  Jor My Doom " Do Jaig " Jees " o






OEBPS/nort_9780470522301_oeb_058_r1.gif
Option Type—sall or put
Interest Rate
Dividends
Stike Price

“Time to Expiration
Underlying Stock Price

Historical
Volatiity

~

P’

Option Premium
Price
[ Theoretical]






OEBPS/nort_9780470522301_oeb_201_r1.gif
[E5E05 2 5400, 243600, 24580, 24560, 002000 MW N6 3 25 6t M 6 (5491 MSW NESL 062706, 15825 140649, 3480 51
T

s

Lower N Band siope.

U spe

2

o

e






OEBPS/nort_9780470522301_oeb_333_r1.gif
MSH_PT_pCT=T1ine;
IF PT1ine=-999999 THEN MSW_PT_PCT-Data_Arrays





OEBPS/nort_9780470522301_oeb_356_r1.gif
y2:= Valuetnen(1, Year() = 2007 AND
Honth() = 12 AND BarsSince(Month() < 12) > 0, ATR(40));
22:= If(Refionth(), =2) = 1,
If(Year() = 2007, x1, 0), O}

y3:= ValueWnen(1, Year() = 2006 AND

Month() = 12 AND BarsSince(Menth() < 12 > 0, ATR(40)
23i= If(Refionth(), -2) = 1,

Te(Year() = 2006, x1, 0, 0}

yiz= Valuewnen(i, Year() = 2005 AND

Month() = 12 AND BarsSince(Month()  12) > 0, ATR(40)):
24i= Tf(RefMonth(), -2) = 1,

If(Year() = 2005, x1, 0, O}

Cmvizi, 1900) / y1) +
(HV(z2, 1300) / y2) +
(HV(z3, 1300) / y3) +
(HVIz4, 1900) / yi)






OEBPS/nort_9780470522301_oeb_218_r1.gif
M P P i Y i N T T i M N 1 PR P






OEBPS/nort_9780470522301_oeb_121_r1.gif
Capabilities TTIATR TTI  TTIFabric
Components Application Extreme _StochEx SD.

T Fabric TTI Fabric
I3 Ratio LRSD

T Trend
Strength

I Oversold/overbought
Trending
Non-Trending x x x

2 Trend Detection
Trending
Non-Trending

3 Broad Market Integration
Trending
Non-Trending

4 Support and Resistance
Trending
Non-Trending

5 Historical Volatility
Trending x
Non-Trending x x

6 Implied Volatility
Trending
Non-Trending

7 Multi-Time Frame Verification
Trending
Non-Trending x x x






OEBPS/nort_9780470522301_oeb_299_r1.gif
VD) Dy WYSE L+2371 086 271% 6000 A=000 0-24 36 12430 Lo-23 55 V69216 1T Slochtx 2 she 0 3027 Waw A Exoanes

i

20-Period Exponential
Moving Average

NAVATAVAIATA






OEBPS/nort_9780470522301_oeb_144_r1.gif
[EC5C0 0 24500, 253150 2352008000 S 18 SJES150 WS 3 G710, VoW NS G, 3727 21867 AR 1|

W“Mx

28

mo

s

00

s

s

105

Ot when bolow 51>

Oversold whert below 2610

E B

5 Tz T Bt

To_Te 5 pis {5 1 7
5 T

il b
o

T B B
Tt

T

MRS
loaater






OEBPS/nort_9780470522301_oeb_276_r1.gif
(171 ATREX 1)
vartables:

uExtrene(0),
1Extrene(0);

Valuez = TTI_ATREx_1(40, 14, 200, 3, uExtreme, lExtreme) ;
Valuer = ustrene;
Values = 1excreme

Plotl( Valuel, “ATR Ex” ) ;
Plot2( Valuez, “ubxtreme® ) ;

Plot3( Values, “iExtreme” ) ;
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(T11_Conposite}
Inputs:
LinkegSlopeperiods (numericsinple) s

Variaples:
StDeveeriods(14),
Potkeeriods(s),
Potoperiods(3),
ATRPeriods(5),
Addismootheeriods (3},
stochExsD(0),
StochEXATR(0),
uExtreneR(0),
LExtrener(0);

(Bstablishes linear regression slope values of 3 oscillator components)
Valuel = TTI_Stochex_2(StDeveeriods, Potkperiods,

Potbperiods, ARPeriods, AddlSmoothPeriods,

StochExSD, StochEXATR);
Valuez = LinearRegSlope (StochExATR, LinkegSlopePeriods);

Values = TTI_RSIV_1(40, 30);
Valued = LinearRegslope(Value3, LinRegSlopePeriods);

Values = TTI_ATREx 2(40, 14, 200, 3, 20, uBxtremeR, lBxtremeR);
Values = LinearRegslope (Values, LinRegSlopeperiods);

(Calculates nusber of ATR multiples above or below central fabric line]
Valuel = (LinearRegValue(Close, 40, 0) = Close);
Values = (Value? / ATRWS(14)) * =

(Suns values to create the composite indicator]
TTI_Composste = Value + Valued + Values + Values:
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(rrr_ntRex_2)
tnputs:

eDSL(nunericsimple), {moving average pericds)

eDS2 (nunericsinple), (ATR periods)

£0S3 (nunericsinple), {standard deviation periods}

PDS4 (nunericsinple), (smoothing periods)

£DSS (numericsinplel, (R squared periods)

uExtremeR (nunericref), (upper extreme - by reference]

1ExtreneR(nunericref); (lower extreme = by referene]
If Close < ¥Average(Close, EDS1) then
Valuel = (((Low - XAverage(low, POSL)) / Close) * 100) * ATR_WS NornC(eDs2)

else
Valuel = (((High - XAverage(High, BDS1)) / Close) * 100) * ATR WS NormC(PDS2!

UBxtreneR = XAverage(Valuel, PDSL) +
({1 + RSquare (Bariurber, Close, PDS5)) * StandardDev(Valuel, PDS3, 1));

Valuez = Average(Valuel, 0S4
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Anputs:
Length( numericsinple ) ;

AvgTrueRange = Average( TrueRange, Length | 3





OEBPS/nort_9780470522301_oeb_328_r1.gif
TroughbarA(1]=bsT;
Lookforlowstrue;

end,
ends

46 Data_Array=Troughh(1) AND TroughBARA(1]<PeakBarA[1] then TroughbarA(1]=0;
16 Data_Array=PeakA(l] AND TroughBARA[1|>PeakBarAll) then PeakbarAl1]

Zntheintportion(Nth) ;
S5 znthcl then znthels
S5 znth>9 then znthed
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(rrr_RsIv_1}

inputs
eDSL(nunericsimple), {Linear Regression periods
PDS2 (nunericsimple); {Look back periods}

(Defines the difference between the day’s closing price and the
linear regression line, and assigns the value to the variable xl}

Valuel = (Close - LinearRegValue(Close, EDSI, 0));

(Conditional logic to define an Up day for Valuel)
If Valuel > Valuel(1] then Valuez = 1 else Value2 = 0

(conditional logic to measure an increase in Valuel on an Up day}
If Valuel > Valuel(l] then Value3 = Valuel - Valuelll) else Valued = 0;

(Conditional logic to define a Down day for Valuel)
If Valuel < Valuel(1] then Valued = 1 else Valued = 0

(Conditional logic to measure a decrease in Valuel on a Down day}
If Valuel < Valuel(l] then Values = Valuel(l] - Valuel else Values = 0;

(Multiplies the sun of the increases on Up days by the number of Up days}
Values = Summation(Value3, PDS2) * Summation(Valuez, BDS2);

(Multiplies the sun of the decreases on Down days by the number of Down days)
Value? = Summation(ValueS, BDS2) * Summation(Valued, BDS2);

(Calculates the ratio of trend adjusted increases to trend adjusted
decreases, and then converts it to a value between 0 and 100}
Values = 100 - (100 / (1 + (Value / (Value? +. 000011))):

TIIRSIV1 = Values:
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pdsli= Input(“LR Slope Lookback”, 2, 1000, S!
LinRegSlope (Fnl (“ITI StochEx*), pdsl)
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xi= IEC < Mov(C, 40, E),

(L = ov(L, 40, B)) / C) * 100) * ((KTR(14) / C) * 100),
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1 {User Inputs)
2 pdsii= Input(“LR Slope Lookback”, 2, 1000, )i
3 pds2:= Tnput(“Linear Regression Length, 5, 1000, 40);

4 {Establishes linear regression slope values of oscillator
conponents)

5 xli= LinRegSlope(Fml(“ITI StochEx"), pdsl);

6§ x2:= LinRegSlope( Bnl( “ITI RSIV), pdsi);

7 x3:i= LinRegSlope( Fml( “ITI ATR Extreme nb”), pdsl);

(Calculates nunber of ATR multiples above or below central
9 fapric line)
10 yli= LinearReq(C, pds2, 8, 1);
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(Resigns the Metaswing DIRL indicator value to the x variable]
1= Eml(“MSH Max DLRL Delta 207);

(Identifies and adds the mest recent 7 pesk values)

(Then divides by 7 to return an average}

(pearil, %, 90) +

peak(2, x, 90)
Peak(3, x, 90)
Peak(d, x, 90)
Peak(s, x, 90)
Peak(s, x, %0}
Peak(7, x, S01) / 7
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Mov{Security("Cr\Metastock Data\B Data\X.NASD-A", C) +

I ({Security("Ci\Metastock Data\Bl Data\R.NYSE-A", C) /
2 Mov(Security("Ci\Metastock Data\B Data\i.NYSS-A, C) +
3 Security(“Ci\MetaStock Data\BM Data\K.NYSE-D¥, C) +

4 Security(“Ci\Metastock Data\BM Data\K.NISE-U“, C), 5, S}
5> .

6 Ana

7 ((Security(“Ci\Metastock Data\BM Data\X.NASD-A", C) /

]

B

Security(™Ci\MetaStock Data\BM Data\K.NASD-D", C) +
10 Security(“Ci\MetaStock Data\EM Data\K.NASD-U”, C), 5, S}
1> .73
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1 {User inputs)
Tnput (“Lookback”, 2, 1000, 30}
Input (“Linear Regression Pericds”, 2, 1000, 401

4 {Defines the difference between the day’s closing price and the
5 linear regression line, and assigns the value to the variable xi]
6§ xli= (C - Linearkeg(C, pds2, S, 11

7 {Conditional logic to define an Up day for x1}
8 x2i- Ifxl > Reflxl, -1), 1, 01;

9 {Conditional logic to measure an increase in xl on an Up day)
10 x3i= If(xl > Ref(xi, -1), x1 - Ref(xi, -], 0);

11 (Conditional logic to define a Down day for x1)
12 xtie TE(x1 < Ref(xl, =11, 1, 0);

13 (Conditional logic to measure a decrease in x1 on a Down day)
14 xBi= TE(xl < Ref(xl, 1), Ref(xl, -1} - x1, 0}

15 (Multiplies the sum of the increases on Up days by the number
16 of Up days}
17 x6i= Sun(x3, pdsl) * Sum(xz, pdsl);

18 {Multiplies the sum of the decreases on Down days by the number
19 of Dovn days)
20 x7:= Sum(xs, pdsl) * Sumixd, pdsl);

21 {Calculates the ratio of trend adjusted ncreases to trend adjusted
22 decreases, and then converts it to a value between 0 and 100}
23 xB5= 100-(100/ (1+(x6/x7)));

24 {Plots the TTI RSIV-1)
25 x8;





OEBPS/nort_9780470522301_oeb_081_r1.gif
TTT ATR Bottom
Buy Arcow
Blue

Condstion:
8(C < Movie, 40, B,
(UL - Wov(L, 40, B1) / C) * 100) * ((RIR(14) / C) * 100),

CUH = Nov(H, 40, B1) / C) * 100) * ((TR(14) / C) * 100));
Cross(ovix, 40, B) = Stdevix, 2001, Movix, 3, S))
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{Declintng 1ssues)
Security("C\MetaStock Data\EM Data\K.NYSE-D¥, C) /

(Dvided by}

(A Moving Aversge of the Sum of Advancing + Declining + Unchanged
Listed 1ssues)

Vov(Security ("Ci\Metastock Data\BM Data\i.NYSE-A", C) +
Security(“Ci\MetaStock Data\EM Data\K.NYSE-D¥, C) +
Security("Ci\MetaStock Data\EM Data\X.NYSE-U”, CI, 5, S)





OEBPS/nort_9780470522301_oeb_075_r1.gif
P o e e e T T A TR

[CCCCETAL 3860573657, 552400 5550, L6501 Lo Fepesion icor 58, 5]
B
@
a0-period

Exponertal "

Maving Avrage
B
o
o
ATREx with One Standard Deviation &)






OEBPS/nort_9780470522301_oeb_350_r1.gif
Definitions:
Unit of Movement = (S/R | = S/R 4) / 2

Center Line = $/R 4 + Unit of Movement

Unit of Movement = Distance from Center Line

Mean Unit of Movement: Compression 12.4% of Price
Mean Unit of Movement: Random Market 23.6% of Price

2.5Weeks 3.5 Weeks 4.5 Weeks

Mean Unit of Movement: Compression’ 0.65 079 0.90
Mean Unit of Movement: Random Market: 053 065 075

Mean Coefficient of Movement: Compression® 0.080 0.098 oz
Mean Coefficient of Movement: Random Market®  0.124 0153 0177
Volatlity Reduction of Compression vs Random ___35.5% 36.3% 37.0%

"Unit of Movement Relative to 12.4 percent of Price.
“Unit of Movement Relative to 23.6 percent of Price

* Mean Unit of Movement multiplied by its associated percent of price.

Trades were conducted on the S&P 500 stock population from July 2000 to June 2008
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R IE(C < Mov(C, 40, E),
(((L = Mov(L, 40, B)) / C) * 100) * ((KTR(14) / C) * 100),
(U8 = Mov(H, 40, E)) / C) * 100) * (ATR(14) / C) * 100) };

Cross( Mov(x, 40, E) - Stdev(x, 200), Mov(x, 3, S) )
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Capabilities TT T TTFabric TT1
Components  TTIATR TTI  Fabric Fabric Ratio  Trend  TTI
Application  Extreme Stochfx SD LG LRSD  Strength RSIV-I

™
Composite

1 Oversold/overbought
Trending xx
Nontrending ~ x x
T Trend Entry. x o ox

2 Trend Detection
Trending x x
Nontrending
T Trend Entry. x x

3 Broad Market Integration
Trending
Nontrending
T Trend Entry

4 Support and Resistance
Trending
Nontrending
TTI Trend Entry

5 Historical Volatlity
Trending xox o x x x
Nontrending  x x x o ox x x
T Trend Entry xox o ox x

6 Implied Volatility
Trending
Nontrending
T Trend Entry

7 Mult-Time Frame Verification
Trending x x
Nontrending  x x x o ox x
T Trend Entry x






OEBPS/nort_9780470522301_oeb_146_r1.gif
NASDAQ Composite

ot s

Divine

DLRL-DSRS

E

T

i

iz

5=

i

TS

i3

T






OEBPS/nort_9780470522301_oeb_278_r1.gif
T )I ’}Iﬂm

“1 HWﬂ”YL/

Jmﬁ”ﬂ""

nnnnnnnn

l«“hn’\“" by
| |‘>| W o
h ! |||}"||‘}m






OEBPS/nort_9780470522301_oeb_152_r1.gif
Wl (“ITI RSIV-17) < 25 AND

s

© > 1.50 aND

© < 800
(ov(v,

10, $1+100) + ©) > 250000 AND
i
10, 8) > 1500)





OEBPS/nort_9780470522301_oeb_284_r1.gif
(o Res 2)
vartables:

uExtreeR(0),
1Bxtrenea(0);

Valuez = TTI_RTREx 2(40, 14, 200, 3, 20, uExtremeR,
Valuel = uBstreneR;
Value3 = 1Bxtreneh;

Ploti( Valuei, “AR Ex” ) ;
Plot2( Valuez, “ubxtremeR” ) ;
Plot3( Value3, “lExtremen” ) ;

185t remer)
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7 ((Security("C:\MetaStock Data\BM Data\K.NASD-D", C) /
8 Mov(Security("Ci\Metastock Data\Bl Data\i.NASD-A", C) +

9 Security("C:\MetaStock Data\EM Data\K.NASD-D", C) +

10 Security(“Ci\Metatock Data\BM Data\X.NASD-U”, C), 5, S))
1> .76
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3: Total Correction
2: NYSE Correction
1: NASDAQ Correction

200 | Correction: 1,2,0r3

200 | Surge: 1,2, 0r-3

~1: NASDAQ Surge
-2 NYSE Surge
—3: Total Surge
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74 (nunerteret),
125 (nunerteret)
UT2 (numerteref)

(third lower thread: 4 ATR's below centerline]
5 ATR’s below centerline]
(first upper thread: 2 ATR’s sbove centerline)

(fourth lower threac

UT3(numericre), (second upper thread: 3 ATR's above centerline)
UTd{numericref), (third upper thread: & ATR’s above centerline}
UTS(numericref); (fourth upper thread: 5 ATR’s above centerline)

TII_fabric_LR

LinearRegValue(Glose, 051, 0);

ATR S (205211
oL - (2 + ATR
oL - (3 ¢ AR
FCL - (4 AR
oL - s

oL+ (2 ATRY
oL 4 (3 ATR)
CL ¢ (4 ATR
ECL + (5 ATR

FcL;
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#li= Aos(H = Ref(l, =2)):

Valueihen(1, Year() = 2008 AND
Month() = 12 AND BarsSince(Month() < 12) > 0, ATR(0)):
It (Ret Month (), -2) = 1,
If(Year() = 2008, x1, 0, 0);
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Valuel = ATRWS(14) ;

Ploti( Valuel, “ATR” | ;
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(171 Stochex 1)
Valuer = 100;

Valuez = 95;

Values = TTI_Stochex_1(14, 5, 3,
Valued = 0;

Ploti( Valuel, “Upper Range” 1;
Plot2( Valuez, “Extreme” )i
Plot3( Value3, “StochEx 17 );
Plot( Valued, “Lower Range” 1;

s
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yii= Security(“c:\MetaStock Data\Indices &
Indicators\Us & Canadian Indices\.spx",C);

y2i= Security(“ci\Metastock Data\Indices &
Indicators\US & Canadian Indices\.spu,H);

xiim Ref(
Cross(~25, Fml (“IT1 Composite”))
PRI
Cum(Tf(xi = 1, (HV(y2, 10) - Ref(yl, -9} / Reflyl, =81, 0}
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2 Without High Stope

Adeo 21632 5 T 100ap
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ssps0 2163 18% 04% | soap

3 Effoctive Comparison

Adeo: greater increase in proft than loss|___69.5%] el BTl 1002y
S8P: proftabilly improves overall  18.2% 3% 100ay
Adeo: greater increase inrofitthanloss  56.9% 5% sDas
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(ATR(14) / ©) * 100
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17 x6i= Mov(x3, pdsi, B
20 x7:= Mov(xs, pdsi, B
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(TR _s}
nputs:
eDS(nunericsinple) s

If Currentsar <= BDS then
Valuel = Sumation(TrueRange,CurrentBar) / CurrentSar
elee
Valuel = ((Valuel * (EDS - 1)) + TrueRange) / PDS;

ATRWS = Valuels
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{TTI Fabric 1R}

nputs:
LinkegPeriods (40),
AReeriods(14),
ThreadColor (LightGray) ,
CLColor (Black);

Variablest
Centerline(0),
L12(0), 1T3(0), LT4(0), LTS(0),
Ur2(0), UT3(0), UT4(0), UTS(0);

Centerline = TII_Fabric_LR(LinRegPeriods, ATRPeriods,
112, 113, Lr4, 175, UTZ, UT3, T4, UTS):

Plot1(uts, “UTS”, Threadoolor);
Plot2(Ur4, “UT4”, ThreadGolor);
Plot3(Ur3, “UT3%, ThreadSolor);
Plota(ur2, “UT2%, ThreadGolor);

Plots(Centerline, “Centerline*, Cicolor);
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(s _peax)
(L Programming code written by Richard Saidenberg')

input:Data_Array(numericseries), eCT_Min_Change(numericsimple) ,Neh(nunericsin

slels

Var:PTLine(-993999), lookforlow(true] ,bsT(0) bsB (0},
holdT(0),holdP (0], lasth(£alse) ,2(0), 2nth(0)

arrayiTroughA (9] (~999998), Peakh(9) (~999999) , TroughbarA(9) (0}, PeakbarA(9] (0);

PT1inesMSW_PT_PCT(Data_Array, BCT_Min_Change);
Sf PTlinesData Array AND PTline<PTline(l] then bsT=0 slse baT-bsT+l;
L€ PTline=PTiine(l] and Data Array-Data Array[l] and Data Array=PTline then
beT-0;
L€ PTline-DataArray AND PTLine>PTiine(l] then bsP=0 else bsb=bst+l;
L€ PTlinesPTline(1] and Data Array=Data Array[l] and Data Arra
bop=0;

for -9 downto 1 begin
Peakbarh(z)=PeakbarA(z] +1;
Troughbarh(z)=TroughbarA(z] +1;

end;

L€ lookforlowll] then begin
if PTlinesData Array AND PTline<ETline(l] then begin
for ze9 downto 2 begin

Peakh(z)peaka(z-1);
Peakbarh(z]=PeakbarA(z-1];

end;
PeakA(1)=eTline(1];
Peakbarh(1]-bse;
Lookforlowntalses
ends
end;

Lf lookforlowl1)=false then begin
L6 PTitnesData Array AND PTline>ETline(l] then begin
for 2=9 dounto 2 begin
Troughh (2] =TroughAlz-11;
‘Troughbarh(z)=TroughbarA(z-1);
end
TroughA(1)=PTLine (1
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StochEx = TTI_StochBx _2(StDeveeriods, PetKPeriods,
PctDberiods, ATRPeriods, AddlSmestheericds,
StochEXSD, StochEXATR)

Plotl(UpperRange, “Upper Range”, GuideColor):
Plot2 (UpperExtreme, “Up Extreme”, GuideColor);
PLot3(StochExSD, “StochBx SD, StochExSDColor)
Plotd (StochEXATR, “StochEx ATRY, StochEXATRColor);
Plots (LowerExtreme, “Low Extreme”, GuideColor):
Plots (LowerRange, “Lower Range”, GuideColor):
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(Security(“C:\MetaStock Data\EM Data\X.NYSE-D*, C) /
Mov(Security("Ci\Metastock Data\BM Data\X.NYSE-A”, C)
MetaStock Data\BM Data\X.NYSE-D", C) +

MetaStock Data\EM Data\K.NYSE-U", C), 5,

security(ve:

Security (™
> .e0s

sn
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(1€ = Movic, 40, E)) / C) * 100) * ((RTR(14) / C) * 100)
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yli= Security(“c:\Metastock Data\Indices &

Indicators\US & Canadian Indices\.spx",C):

y21= Security(“c:\Metastock Data\Indices &

Tndicators\US & Canadian Indices\.spx",L);

xi= Ref(
Cross(-25, Eml (“ITI Composite”])
S =1

(CumzeEa = 1,
(HRV(y2, 10) = Ref(yl, -9)) / Ref(yl, =9), 0)))





OEBPS/nort_9780470522301_oeb_007_r1.gif
S&P 500 Index






OEBPS/nort_9780470522301_oeb_057_r1.gif
E5CrT 2250, 3 210051 1005050003200 VW 3 675761 VM 3 A5 W S 477598 44158 L5818 4157515

T [

T R EE mRE
a7 owmier

o 7 BB B2l
T

T f o ln
(T T






OEBPS/nort_9780470522301_oeb_332_r1.gif
PTlinesData Arrays

ends
1f up(l]=false then begin
Lf Data ArrayeTiine then begin
PTline=Data_Array;
{up=talse;}
end else begins
£ Plines=0 then begin
Lf Data Array>PTline* (1+(BCTMin_Change/100)) or Data Arrayshent then begin
PTlinesData Arcay:
up=true;
end;
end else begin {Tiine<o)
Lf Data Array>PTlinet (1-(BCTMin_Change/100)) or Data Arrayshent then begin
PTlinesData Arrays

upetrues

end else begin (go-false]
if Data_Array>bata Array(l] then begin
ETline-Dsta_Arrays

a
up=true;

Lpnt=Data_Array(1];

ends

if Data_Array<pata Array(l] then begin
ETline-Dsta_Arrays

gomtrues

up=talse;
hpnt=Data_Array(11;
end;
end;

5f up and up(l]=false and PT1ine(1]>-999999 and gol1] then lpntePTline(1]s
Lf up-false and up(1] and PT1ine[1]>-9999%9 and go[1] then hpnt=BTline(1];

Lf Data_Array<lpnt then lpnt=-999993;
Lf Data_Arrayshpnt then hpnt=999999;
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Name:

T ATR Top
Symbols Sell Arrow

Color: Red
Label: D
condition:

£(C < Movic, 40, E),
(UL = MoviL, 40, B1) / C) * 100) * ((ATR(14) / €) * 100),
(U = MovIH, 40, B1) / C) * 100) * [(KTR(14) / C) * 100));
Cross@ovix, 3, S), Movix, 40, E) + Stdev(x, 200))
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Movix, 40, B) + ((1 + RSquared(C, 20)) * Stdev(x, 200))
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2.5 Weeks 3.5 Weeks 4.5 Weeks

Cumulative Measure of Unit Movement:

Below S/R 1 and Above /R 4 452 327 287
Above S/R 1 and Below S/R 4 82 147 205
% Unit Distance Below S/R | and Above S/R 4 85% 69% 8%
Above S/R | 55 97 144
Below S/R 4 27 50 60

Trades were conducted on the S&P 500 stock population from July 2000 to June 2008
Total Quantity of Trades = 851. (Represents one of four types of MetaSwing Compression
methods.)
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I£(C < Mov(C, 40, E),
(UL = Mov(L, 40, E)) / ©) * 100) * ((RTR(14) / ©) * 100),
(((H - Mov(H, 40, E})) / ©) * 100) * ((ATR(14) / C) * 100) }
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Test Event sample Size _Profit Potential _Loss Potential
1

Bearish Engulfing 4,524 4% 5.3% 100ays  -16.7%
S&P 500 4524 23% -2.1% 10 Days 5.0%
Bearish Engulfing 4,524 3.0% -4.0% 5Days  -34.3%
S&P 500 4524 1.5% 1% SDays  -8.6%
2

Three Line Strike 583 61% -4.9% 10Days  19.5%
S&P 500 583 2.3% L1% 10Days  146.8%
Three Line Strike 583 5.1% 3.5% 5Days  315%
S&P 500 583 1.8% 0.5% 5Days  124.8%
3

Exit Long 21,858 5% -4.9% 10 Days 8.1%
S&P 500 21,858 26% -2.2% 10Days  17.8%
Exit Long 21,858 4.0% 3% 5Days  14.8%
S&P 500 21858 1.9% -15% SDays  20.1%
a

Exit Short 18,638 62% -5.0% 100ays  202%
S&P 500 18,638 27% 14% 10Days  152.2%
Exit short 18,638 4% -3.6% 5Days  21.3%

S&P 500 18,638 1.9% 0.5% 5Days  126.8%
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(T11_Stochex 1}
Tnputs:
EDSL(nunericsimple), (standard deviation pericds)
EDS? (numericsimple), (K}
EDS3 (numericsimple), (3D}
PDS (nunericsinple); {additional smoothing}

Valuel = StandardDev(Close, PDS1, 1);

Valuez = (Summation(Valuel - Lowest(Valuel, EDS2), PDS3) /
Sumnation(Highest (Valuel, PDSZ) - Lowest(Valuel, PDS2), PDS3)) * 100;

Values = Xaverage(Value2, EDS3);

TTI_StochEx_1 = Valued;
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tsu_er_ect)
{EL Programming code written by Richard Saidenberg')
input:Data_Array(nunericseries), BCT_Min_Change (nurericsimple);

VariPTLine(~999999) ,go(false) up(false) , 1pnt (999939, hpnt (939999) ;

if go then begin
1 upl1) then begin
£f Data_ArrapPTiine then begin
eTline=Data_Array;
fup=true;)
end else begin:
Lf ETline=0 then begin
£f Data Array<PTline* (1-(PCT Min_Change/100]) or Data Array<lpnt then begin
PTline=Data_Arrays
aLses

end;
end else begin (PT1ine<o}
Lf Data_Array<PTline* (1+(PCT_Min_Change/100)) or Data Array<lpnt then begin
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( Sum(C = LLV(L, 5), 3) / Sum(HAV(H, ) = LLV(L, 5), 3) ) * 100
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Name:

Symbol: Buy Arrow
Colors Blue

Label: R

Condttion:

xi= I£(C < Movic, 40,
(WL - woviL, <0, B1)
(W - wovin, 40, B1)
Cross(Mov(x, 10, B) -

Movx, 3, SN

TTI ATR Eottom with R-Squared

e,
/€ 100) * ((RTROL4) / ©) + 100,
/61 100) * (RTROLO) / ©) * 100015
(11 + Rsquared(C, 201) * Stdev(x, 200)),
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v
I£(Year) = 2005, x1, 0),

Te(Ret Month (), -2) =

10,
o

(HEVIYL, 1900) + KAV(y2, 1900) +
HHV(YS, 1900) + KV(yd, 1900)) / 4
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Ret( ATR(L4), -20)
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{Rdvancing 1ssues}
Security(“C:\Metastock Data\BM Data\X.NYSE-A", C) /

(Divided by)

(A Moving Average of the Sun of Advancing ¢ Declining + Unchanged
Listed tssues}

Mov(Security("C:\Metastock Data\BM Data\R.NYSE-R", C) +
Security(“C:\HetaStock Data\BM Data\K.NYSE-D", C) +
Security(“C:\Metastock Data\BM Data\K.NISE-U”, C), 5, S)
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Test Event sample Profit Potential Loss Potential Duration
1 Long Trade

RSi(14) 10,649 6.8% 7.2% 10 Days.
&P 500 10,649 2.8% 1.4% 10 Days.
RSi(14) 10,649 a6% 5.4% 5 Days
&P 500 10,649 2.0 o.5% 5 Days
2 Long Trade

RSIV-1 10572 5.6% -5.2% 10 Days
&P 500 10572 23% L% 10 Days.
RSIV-1 10572 4% 36% 5 Days
&P 500 10572 7% o.4% 5 Days
3 Long Trade

RSIV-2 3523 7.0% 5.8% 10 Days
&P 500 3523 27% 13% 10 Days.
RSIV-2 3523 5.7% 4% 10 Days.
58P 500 3,523 2.0% 0.5% 5 Days
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(ATR WS Nornc)
Tnputs:
P08 (nunericsinple)

If CurrentBar <= ©DS then
Valuel = Summation(TrueRange,CurentBar) / CurrentBar
else
Valuei = ((Valuel * (DS - 1)) + TrueRange) / PDS:

RTR_WS NornC = (Valuel / Close) * 1007
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else begin
If conditionl then
begin

Plot1(
Valued =
Values

Values =
Values =

end 5
If Condition3 then
begin

Plot1(

High )

Text_New(Date, Tine,

Text_setstyle(Valued,
Text_SetColor (Valued,

High )
Valued = Text_New(Date, Time,

High, D7)
Text_Setlocation(Valued, Date,

2, 0
Black) ;

Tine,

High, “ATRY) ;

High * 1.02)

Values = Text_Setlocation(Valuet, Date, Time, High * 1.02) ;
Values = Text_Setstyle(Valued, 2, 0} ;
Values = Text_SetColor(Valued, Black) ;
end 5
end 5
If Condition? and Conditions then begin
Plot2( Low ) ;
Valued = Text New(Date, Time, Low, “C") ;
Values = Text_Setlocation(Valued, Date, Time, Low - (Low *. 02)) ;
Values = Text_Setstyle(Valued, 2, 1)
Values = Text_SetColor(Valued, Black) 3
ens
else begin
1f condition? then
begin
Plot2( Low ) ;
Valued = Text New(Date, Time, Low, “SD%) ;
Values = Text_Setlocation(Valued, Date, Time, Low = (Low *. 02))
Values = Text Setstyle(Valued, 2, 1)
Values = Text_SetColor(Valued, Black) ;
end 5
1f Conditiond then
begin
Plot2( Low ) ;
Valued = Text_New(Date, Tine, Low, “ATR") ;
Values = Text_Setlocation(Valued, Date, Time, Low - (Low *. 02))
Values = Text Setstyle(Valued, 2, 1) ;
Values = Text_SetColor(Valued, Black)
end

end 5
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Upperextrens (25),
Lowersxtrene (-25),
Gutdecolors (Black),
Compolor (Black)

Varisble

Composite(0);

Composite = TTI_Corposite(s);

Ploti( UpperSxtrens, “Up Extreme”, GuideColors )
Plot2( Composite, “Composite”, CompColor )i
Plot3( LowerSxtrems, “Low Extreme”, GuideColors );
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(TTT ATRE 1 shie)
variablest
uExtrene(0),
18xtrene(0);
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- Mov (c, 40, E)
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LowerRange(100),
Gutdecolors (Black),
RSIVOsLor (Black:

Variables:
RSTV(0);
RSIV = TTI_RSIV_(LinRegPeriods, LookBackPeriods);

Plotl( UpperRange, “Upper Range”, GuideColors )3
Plot2( UpperExtreme, “Up Extreme”, GuideColors )i
Plot3( RSIV, “ITI RSIV 17, RSIVColor )

Plotd( Loverxtrene, “Low Extreme®, GuideColors )i
Plots( LowerRange, “Lower Range, GuideColors )i
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pdsli= Input("LR Slope Lookback”, 2, 1000, )i
LinRegSlope (Eml (“TTT RSTV®), pdsl)
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((H - Mov(s, 40, E)) / ©) * 100) * ((ATR(14) / C) * 100)
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XLi= Fnl(“MSW Slope NE3L - 77) > 5

cungx1)
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Jane Binl Wanda
Winning ATR delta o5 00 05
Losing ATR delta 00 00 0.0
Trading Account 10,000 10,000 10,000
'
Stock's ATR(14) % % %
Exit ATRs, 25 30 35 Win
Trading Account 11,000 11,200 11,400
2
Stocks ATR(14) 35% 3% 3.5%
Exit ATRs, 25 30 35 Win
Trading Account 11,963 12376 12,797
3
Stock's ATR(14) % % 6%
Exit ATRs -2 -1z 12 Loss
Trading Account niol 11,485 11,875
4
Stocks ATR(14) % 6% o
Exit ATRs, 25 25 25 Loss
Trading Account 9,436 9,762 10,094
5
Stock’s ATR(14) 35% 4.0% as5%
Exit ATRs 25 30 35 Win
Trading Account 10262 10,934 11,684
6
Stocks ATR(14) 4.5% as% as%
Exit ATRs S Sz S Loss
Trading Account 9,708 10343 11,03
Net Performance -2.9% 3.4% 10.5%
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TotalSurgeColor (Blue),
PrimaryLineColor (Black),
SecondaryLineColor (LightGray);

Valuel = MSW Correction Surges

If Valuel = 1 then Plotl( Valuel, “NASDAQ Corr”,

Rea

If Valuel = 2 then Plot2( Valuel, "NYSE Corr”, Red);
If Valuel = 3 then Plot3( Valuel, “Total Corr”, Red);
If Valuel = -1 then Plotd( Valuel, “WASDAQ Surge”, Blue);

If Valuel = -2 then PlotS( Valuel, “WISE Surge”,
If Valuel = -3 then Plote( Valuel, “Total Surge,

Plot7(3, “Total ¢, PrimarylineColor);
Plots(z, “NISE”, SecondaryLineColor);
Plots(1, “NASDAQ¥, SecondaryLineColor);
Plot10(0, “Baseline”, erimaryLineColor
Plotli(-1, “NASDAG, SecondaryLineColor);
Ploti2(-2, “NYSEY, SecondaryLineColor);
Plot13(-3, “Total S¥,PrimarylineColor);

Blue)s
Blue);
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(TT1_Fabric 1R}
Variables: ECL(0), ATR(0);

Inputs:
PDS1(nunericsimple), {linear regression periods)

EDS2 (nurericsinple), (RTR periods)

72 (nunericret), (Arst lower threads 2 ATR’s below centerline)

LT3(nunericref), (second lower thread: 3 ATR's below centerline]
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{Declining issues}
Security("C\MetaStock Data\EM Data\K.NASD-D", C) /

(bivided by)

(A Moving Average of the Sum of Advancing + Declining + Unchanged
Listed tssues)

Mov(Security(“Ci\MetaStock Data\BM Data\K.NASD-A", C) +
Security("Ci\MetaStock Data\BM Data\X.NASD-DY, C) +
Security("Ci\MetaStock Data\BM Data\X.NASD-U%, C), 5, )
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(s TS Slope)
Valuel = MSW Slope(MSH_Trend Strength(100, 20) + 50000, 20)
Valuez = MSW Slops (MSW_Trend Strength(100, 10) + 50000, 201
Values = 0;

Plotl( Valuel, ™IS 20 Slope”, Black 1;
Plot2( Valuez, “TS 10 Slope, Black 1
Plot3( Values, “Centerline”, Black )
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((c = Mov (¢, 40, E)) / C) * 100
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Movix, 40, B) + Stdev(x, 200) + [RSquared(C, 20) * Stdev(x, 200))
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{TTL RSIV 1 shne)
Valuel = TTI_RSIV_1(40, 301

Conditionl = Valuel Crosses Above 75;
Condition2 = Valuel Crosses Below 25;

If Conditiont then
begin
Ploti( High ) 3
Valued = Text New(Date, Time, High, “RSIVI) ;
Values = Text_Setlocation(Valued, Date, Time, High * 1.05) ;
Values = Text_Setstyle(Valued, 2, 0) ;
Values = Text_SetColor(Valued, Black) ;

end 5

If Conditionz then
begin
Plot2( Low ) +
Valuet = Text New(Date, Time, Low, “RSIVI®) ;
Values = Text_SetLocation(Valued, Date, Time, Low - (Low *. 05))
Values = Text_Setstyle(Valued, 2, 1) ;
Values = Text_SetColor(Valued, Black) ;
end 5
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pdsli= Input(“LR Slope Lookback®, 2, 1000, S);
LinkegSlope (Fal (“ITI ATR Bxtreme nb”), pdsi)
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(TTI Composite shme)
Valuel = TTI_Composite(s)s

Condition] = Valuel Crosses Above 25;

Conditionz

= Valuel Crosses Below -25;

1f conditionl then

begin
Ploti(
Valued
Values
Values
Values
end 5

High )
Text_New(Date, Time, High, “Comp”)
Text_Setlocation(Valuet, Date,

Text_setstyle(Valued, 2, 0)
Text_SetColor(Valued, Black)

If conditionz then

begin
Plot2(
Valued

Values = Text_Setlocation(Valued,

Values

Low )
Text_New(Date, Time, Low, “Comp*)

Text_setstyleValued, 2, 1)

Values = Text_SetGolor(Valued, Black)

end 5

Date,

Tine,

Tine,

High * 1.08)

Low -

(Low *.

o0s1)
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If ( proof expression, expression if true, expression if false )
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(Security("C:\MetaStock Data\BM Data\K.NYSE-A%, C)
Mov(Security("C:\Metastock Data\EM Data\X.NYSE-A",
Security(“Ci\Metastock Data\BM Data\X.NISE-D”, C)

Security(“Ci\MetaStock Data\BM Data\K.NYSE-U”, C),
s

’
o
s

s
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1 (User Tnputs)
2 pdsii= Input(“LR Slope Lookback”, 2, 1000, 5}
3 pds2i= Input(“Linear Regression Length”, 5, 1000, 40);

4 (Establishes linear regression slope values of oscillator
components)

LinRegSlope (Fal(“TTI StochEx”), pdsl);

LinkegSlope( Fml( “ITI RSIV), pdsl);

7 x3:- LinRegSlope( Fml( “TTI ATR Extreme nb®), pdsi);

5 (Calculates number of ATR multiples above or below central
9 fabric Line)

- Linearkeq(c, pds2, S, 11

ATR(14);

i -er /oy -

=

13 (Adde assigned variables to create the composite value,
14 and plots it}
1500 42 b X34 y3
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cum
Ret(

Cross(~25, Eml (“IT1 Composite®))
PR

)
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(TTI ATREx 2 shine}
Vartable
StochExsD(0),
StochEXATR(0);

Valuel = TTIStochex 2(14, 5, 3, 5, 3, StochExsD,

Condition] = StochExSD Crosses Above 95 and
Close is > WAverage(Close, 20) ;

Condition2 = StochExSD Crosses Below 5 and
Close 1s < %Average(Close, 20) 3

Condition3 = StochEXATR Crosses Above 95 and
Close 1s > %Average(Close, 20) 3

Conditiond = StochEXATR Crosses Below § and
Close 1s < WAverage(Close, 20] ;

If Conditionl and Condition3 then begin
Ploti( High ) 5
Valued = Text New(Date, Time, High, “C7) ;
Values = Text_Setlocation(Valued, Date, Time,
Values = Text_Setstyle(Valued, 2, 0) ;
Values = Text_SetColor(Valued, Black) ;
end

High * 1.02)

StochExATR)
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( Sun(C - LLV(L, $), 3) / Sum(HHV(H, S) - LLV(L, 5), 3) ) * 100
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Name: TTI ATR Top with R-Square

se1l Aszow

xim IE(C < MoviC, 40, E),

(UL - MoviL, 40, B1) / C) * 100) * ((RTR(14) / C) * 100),
(U = MoviH, 40, B1) / C) * 100) * ((RTR(14) / C) * 100))5
Cross@ovix, 3, S,

Movix, 40, B) + ((1 + Rsquared(C, 20)) * Stdev(x, 200)) )
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{M8W Correction Surge]
Tnputs:
NASDAQCoFFect ionColor (Red) ,
NYSECorrectionColor (Red),
TotalCorrectionGolor (Red),
NASDAGSurgeColor (BLue)
NYSESurgecolor (Blue),
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Plotl( Valuel, “oversold®, 0SColor )i
Plot2( Valuez, “0S Peaks”, OSColor);
//PLot3( Value3, “Overbought”, OBColor );
//Plota( Values, 0B Peaks”, OBColor )i

Plots( Values, “Baseline”, BaselineColor )i
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LextrencR(0);
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{HsW_correction_Surge)

(Rssignnent of market breadth data stresms)

Valuez = Close of Data ; (SADVQ)
Values = Close of Data3 ; (SDECLO)
Valued = Close of Datat ; (SUNCHQ)
Values = Close of Datas ; ($ADV

Values = Close of Datas ; ($DECLI
Value? = Close of Data7 ; (SUNCH}

{Gorrection NASDAQ)
It Values / Average(Valuez + Value3 +
then Values = 1 Else Valueé = 0;

{Correction nyse)
If Values / Average(Values + Values +
then Values = 2 else Values = 0

{Suzge NASDAQ)
If Valuez / Average(Valuez + Value3 +
then Valuell = -1 else Valuell = 0;

isurge wrse}
€ Values / Average(Values + Values +
then Valuel2 = -2 else Valuel2 = 0;

{Gorrection/Suzge deternination]
MSW_Correction_Surge = Valued + Valuso

Valued, §) >. 76

Valuel, 5) >. 805

Valued, 8) 3. 73

valuer, 8) 3. 77

+ Valuell + Valuelzs
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{HsW_Trough

(EL Programming code written by Richard Saidenberg')

tnput
Neh(nunericsinple);

Var: PT1ine(~999999) , lookforlow(true) ,beT(0) bR (0],
holdT(0),holdP(0), 1asth(false) (0}, Znth(0);

BTLine=MSW_PT_ECT(Data_Array, CT_Min_Change);
L€ PTlineData Array AND PTline<eTline(1]
if PTline

bsTe0;
Lf PTline-Data Array AND PTLine>eTline(1]

bspe0;

for
Peakbarn(z]=PeakbarAlz] 41
Troughbarh(z]=Troughbarh(z)+1;
end:

downto 1 begin

if lookforlow(1] then begin
if PTline=Data Array AND PTLine<PTline(l]
for 229 downto 2 begin
Peakh(z)=peakn(z-1];
Peakbarh(z]=PeakbarA(z-1);
ends
PeakA(1]=PTLine (1]
PeakbarA(1]-bse;

then beT=0
Line(1) and Data_Array=Data Array(1) and

then bsp=0
1€ PTline=PTline(l] and Data Array-Data_Array(l) and

then begin

ata_Array(numericseries), BCT Min_Change(numericsinple),

£oUGhA(9) (~999999) , BeakA(3) (-999999) , TroughbarA (9] (0) , PeakbarA[9] (0) 1

else baT=beT+1;

Data_Array=Tline then

clse bepebepil
Data_Array=PTline then
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nputs:
LinRegPeriods (40),
LookBackperiods (30},
UpperRange(100),
UpperExtrens (75),
LowerExtrene (25,
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Valuel = StandardDev(Close, €SI, 1)

It Close > Average(Close, PS1) then
Valuel = Valuel else Valuel = (Valuel * -1);

Valuez = (Sunmation(Valuel = Lowest(Valuel, PDS2), PDS3) /
Summation(Highest (Valuel, PDSZ) - Lowest(Valuel, PDS2), EDS3)) * 100;

Value3 = Valuel * ATR_WS(PDS4);

Valued = (Sunmation(Value3 - Lowest(Value3, PDS2), PDS3) /
Surmation(Highest (Value3, PDSZ) - Lowest(Value3, PDS2), PDS3)) * 100;

StochExSD = XAverage(Valuez, PDSS):
SEoGHEXATR = XAverage (Valued, DS5);

TII_StochEx 2 = 15
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(UL - Mov(L, 40, E)) / C) * 100) * ({ATR(14) / C} * 100}
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Wovix, 40, B) + Stdevix, 200);
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Profit Loss  Forward

Potontial Potontial  Duration

With High Slope
and Upper Band Qualifier

adeo se0[__T07 A% 100
saPsc0 860 30% 7% | 1004y
Adeo 860 7% 9% | soay
saPs0 60 21% 06% | 5oas
2 With High Slope
Adeo 2316 Ciigl 3% 100
sapsc0 2316 29% 16% | 100ays
Adeo 2316 1% 4% | soap
saps0 2316 21% 06% | 50as
3 Effective Comparison
‘Adao: reate incroase in profit han loss[___T8.7%e] Zazlel 100
S8P: proftabiity improvement marginal as% 45%  1oDays
‘Adeo: reater increase in profitthan oss  16.7% 10%  5Days

SP: proftabity improvement negigible 13% 29%  5Day
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(Security(“Ci\MetaStock Data\BM Data\X.NASD-D", C) /

Mov(Security("C:\MetaStock Data\EM Data\X.NASD-A",
Motastock Data\BM Data\X.NASD-D", C)
Metastock Data\BM Data\R.NASD-U", C),

a

s,

sn
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Test Event sample Size Profit Potential Loss Potential Duration
1 Long Trade

TTI Composite 15,656 7.8% 6.8% 10 Days
&P 500 15,656 27% 1.3% 10 Days
T Composite 15,656 5.7% 9% 5 Days
&P 500 15,656 2.0% 0.5% 5 Days
2 Long Trade

RSIV-1 10572 5.6% -5.2% 10 Days
8P 500 10572 23% 11% 10 Days
RSIV-1 10572 4% -3.6% 5 Days
s&p 500 10572 7% o0.a% 5 Days
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Lowest Profit

Highest Profit

Stop Loss Target Target
Buy. 64.24 64.24 64.24
sell 61.30 71.00 74.00
Profit (2.94) 676 9.76
Profit -a.58% 1052% 15.19%
Risk = 1 Reward = 23 33
ATR(40) 291 23 33
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Lookforlow=talse;
ena:

end;
Lf lookforlow[1)=false then begin
if PTlin
for

Data_Array AND PTline>PTline(1] then begin

dounto 2 begin
Trough (2] =TroughAlz-11;
‘Troughbarh(z]=TroughbarA(z-11;
end
TroughA[1)=PT1ine (1
TroughbarA[1]bsT;
Lookforlow=true;

ends

ond;

L€ Data_Array=Troughh(1] AND TroughBARA(1)<PeakBarA(1] then TroughbarA(1)=0;
Lf Data_Array-PeakA(1] AND TroughBARA[1]>PeakBarA(l) then PeakbarA(1)=0;
2ntheintportion(NEh) ;

if znthel then zmthe
Sf zntk>9 then zmtne

1SH_Trough=TroughAznthl ;
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1 (user Inpute)
2 pdsii= Input(“LR Slope Lookback”, 2, 1000, )i
3 pds2i= Input(“Linear Regression Length, S, 1000, 10);

4 (Establishes linear regression slope values of oscillator
conponents)

5 xli= LinkegSlope(Fml(“ITI StochEx”), pdsl);

LinRegSlope( Eml{ “TTI RSIV), pdsl);

LinRegSlope( Fnl{ “ITI ATR Bxtreme nb"), pdsl);

6 x
7 e

8 (Calculates number of ATR multiples above or below central
9 fabric Linel

- LinearReg(C, pds2, §, 11

11 y2ie ATRILE)
12 y3i= (vl = ©) / y2) + =

13 (Adds sssigned varisbles to creste the composite valus,
14 and plots it}
15w b2 b k3 4 ys
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{Advancing issues)

Security("Ci\Metatock Data\BM Data\X.NASD-A", ) /

(Divided by}

(A Moving Aversge of the Sum of Advancing ¢ Declining + Unchanged
Listed issues)

Mov(Security("Ci\MetaStock Data\EM Data\X.NASD-A", C) +
Security(“Ci\MetaStock Data\BM Data\X.NASD-D", C) +
Security(“Ci\MetaStock Data\BM Data\X.NASD-U”, C), 5, §)
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(w DLRL-DSRS D20}
Tnputs:

BaselineColor (Black),

oBColor (Red),

oscolor (Bluel s
Valuel = MSW_DLRL_nc(20);
Value2 = MSW_DLRL Peaks;
//Value3 = WSH_DSRS_fnc(20);
//Valued = WSH_DSRS_Peaks;
Values =
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Valuer

Conditionl
Conditionz
Condition3
Conditiond

TRI_ATREX_1(40,
Valuez = TTI_ATREX_2(40,

Valuel
Valuel
Valuez
Valuez

Crosses
Crosses
Crosses
Crosses

1,
1,

200,
200,

avove
Below
e
Below

If Conditionl and Condition3 then
Ploti( High ) 5

Valued =
Values =
Values =
Values =
end

else begin

Text_New(Date,

Tine,

3
3

uextrene,
20,

uExtreneR,

uExtrere ;

1Bstrene ;

uExtreneR ;
18xtreneR

begin

Text_Setlocation(Valuet,

Text_setstyle(Valued,

2,

High,

Date,

o

"D

Text_setColor (Valued, Black)

Time,

18xtrene)

High + 1.03)

1ExtzeneR)
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™
Capabilities T TN Fabric

Components  TTIATR TTI  Fabric Fabric Ratio TTiTrend TTI  TTI
Application _Extreme StochEx SD LG LRSD Strength RSIVI Composite
1 Oversold/overbought

Trending x x x x
Nontrending  x x x x x x

TTI Trend Entry x x

2 Trend Detection
Trending x x
Nontrending x
TTI Trend Entry x x

3 Broad Market Integration
Trending
Nontrending
TTI Trend Entry

4 support and Resistance
Trending
Nontrending
TTI Trend Entry

S Historical Volatlity

Trending x x x x x x
Nontrending  x x x x x x x
TTI Trend Entry x x x

6 Implied Volatility
Trending
Nontrending

TTI Trend Entry

7 Multi-Time Frame Verification
Trending x x x
Nontrending  x x x x x x
TTI Trend Entry
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((0H = VoviH, 40, E)) / C) * 100) * ((ATR(14) / C) * 100} );
Cross( Mov(x, 3, S), Mev(x, 40, E] + Stdev(x, 200))
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Name: TTI ATR Bottom with R and D
Buy Arcow

Blue

RD

Condstion:

xi= TG < Mov(C, 40, E),

(UL = Yov(L, 40, B1) / C) * 100) * ((RTR(14)
(U = MoviH, 40, B1) / C) * 100) * ((RTR(14)
Cross(ovix, 40, B) = ({1 + RSquared(C, 20))

Movtx, 3, 51 )
A

Cross(ovix, 40, B) - Stdevix, 200, Movix,

7@ =+ 100,
7 e+ 1000

« stdevix, 2000),

sn
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#li= Aos(H = Ref(l, =2)) / Ref(L,
ylt= Tf(Ref(Month(), =2) = 10,
Te(Year() = 2008, x1, 0), 0);
y2ue Tf(Ref(Month(), =2) = 10,
TerYear) = 2007, x1, 01, 0);
y3i= Tf(Ret(Month(), -2) = 10,
Te(Year() = 2008, x1, 0), 0);

-2)
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Valuel = TTI_ATREx_1(40, 14, 200, 3, uExtreme, lExtreme) ;

Conditionl = Valuel Crosses Above uExtreme :
Conditionz = Valuel Crosses Below lExtreme :
1f conditionl then
begin
Ploti( High ) 5
Valued = Text_New(Date, Time, High, ATREX")
Values = Text_Setlocation(Valued, Date, Time, High * 1.03] ;
Values = Text Setstyle(Valued, 2, 0)
Value = Text_SetColor(Valued, Black)

end

1f conditionz then
begin
Plot2( Low ) 3
Valued = Text New(Date, Time, Low, “ATREX")
Values = Text_Setlocation(Valued, Date, Time, Low = (Low *. 03)) 3
Values = Text_setstyle(Valued, 2, 1) ;
Values = Text_SetColor (Valued, Black)
end
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